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Abstract

Using innovative longitudinal data from a survey of unemployment insurance
(UI) recipients, we test several implications of a canonical job search model for
reservation wages during unemployment spells. First, consistent with the model,
we find that reservation wages fall faster when UI benefit durations are shorter.
However, workers set their initial reservation wages higher, and adjust them
slower, relative to model predictions. Second, workers’ expectations—elicited at
the beginning of their unemployment spell—about how their reservation wage will
evolve if they remain unemployed are largely congruent with reservation wage
realizations, as assumed in the canonical model. Third, our data on expectations
and realizations suggest that dynamic selection over the unemployment spell
is inconsequential for our results. Fourth, higher wages on workers’ lost jobs,
relative to predictions from a Mincerian wage regression, hasten the expected
and realized declines in reservation wages over the unemployment spell. Finally,
reservation wages are a more powerful predictor of re-employment wages than
wages on the previous job.
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1 Introduction

Reservation wages—the lowest wage offer an unemployed worker would accept—play a

central role in designing optimal unemployment insurance policy (Shimer and Werning, 2008),

in understanding the labor market outcomes of the long-term unemployed (Mueller et al.,

2021), and in constructing workhorse models of the labor market (McCall, 1970; Pissarides,

2000). Yet, there exist few longitudinal data on reservation wages to inform labor market

policies and to test the predictions of these models. And we have no data on how workers

expect their reservation wages to evolve over an unemployment spell, even though these

beliefs are central to the tradeoffs faced by job seekers (Menzio, 2023; Mueller and Spinnewijn,

2023).

We design and field an innovative longitudinal survey of unemployment insurance (UI)

recipients that fills these gaps. We use these data to document several new facts about

reservation wages and to test the implications of a canonical job search model (Mortensen,

1977). First, consistent with the model, we find that reservation wages fall faster when UI

benefit durations are shorter. However, workers set their initial reservation wages higher, and

adjust them slower, relative to model predictions, as in Krueger and Mueller (2016). Second,

workers’ expectations—elicited at the beginning of the unemployment spell—about how their

reservation wage will evolve if they remain unemployed are largely congruent with reservation

wage realizations, as assumed in the canonical model. Third, our data on expectations and

realizations suggest that dynamic selection over the unemployment spell is inconsequential

for our results. Fourth, higher wages on workers’ lost jobs, relative to predictions from a

Mincerian wage regression, hasten the expected and realized declines in reservation wages

over the unemployment spell, consistent with some learning models (similar to Conlon et al.,

2021). Finally, reservation wages are a more powerful predictor of re-employment wages than

wages on the previous job.

We revisit the conventional wisdom that reservation wages do not fall with unemployment

duration (Krueger and Mueller, 2016). Our survey—henceforth, the DK survey—was fielded

in Illinois from September 2018 to July 2019, when UI benefit durations were 26 weeks (see

Davis and Krolikowski, 2024, for details). The Krueger-Mueller (KM) survey was fielded

in New Jersey from October 2009 to April 2010, when maximum UI benefit durations were

99 weeks. We find that reservation wages fall significantly faster in our survey (about 0.3

percent per week) than in the KM survey (about 0.1 percent per week). In both samples,

cross-sectional and fixed-effect estimates are similar, suggesting that dynamic selection has

limited effects in this context.

We show that the sharper decline in the reservation wage in our survey is consistent with

the predictions of a canonical model. The model predicts that reservation wages should fall
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more steeply when unemployment benefit durations are shorter because benefit expiration is

more likely. Model calibrations suggest that reservation wages in our survey should fall about

three times faster than in the KM survey, largely congruent with our empirical findings. The

predictions of the model also account for the sharper decline in the reservation wage in our

survey relative to other work (Addison et al., 2009, 2013; Deschacht and Vansteenkiste, 2021).

The model emphasizes that observations on reservation wages throughout the unemployment

spell are important for identifying the average effect of unemployment duration on reservation

wages because this effect varies with duration before benefits are exhausted. Consistent

with these model predictions, Marinescu and Skandalis (2021) find that adjustments to

reservation wages occur mostly in the quarter before UI is exhausted. Our survey is well

designed in this regard because it provides longitudinal observations on workers throughout

their unemployment spell and into new employment.

Nevertheless, workers in our survey set their initial reservation wages higher, and adjust

them slower, relative to model implications, as in Krueger and Mueller (2016). The canonical

model, calibrated to our sample, implies that job losers set reservation wages at about 25

percent below wages on their lost job and that reservation wages should fall by about 0.6

percent per week. But observed workers set their initial reservation wages about 4 percent

below their previous wage and reduce them by about 0.3 percent per week, as noted above.

The anchoring of initial reservation wages at the previous wage is consistent with several

other studies (Feldstein and Poterba, 1984; Drahs et al., 2018; Caliendo et al., 2023; Jäger

et al., 2023). Krueger and Mueller (2016) find similar quantitative discrepancies between the

model and the data as we do.

Mean expected declines in reservation wages over the unemployment spell are largely

congruent with mean realized declines in reservation wages among workers in our survey. At

the beginning of their unemployment spell, we elicit workers’ expectations about how their

reservation wages will evolve with unemployment duration. Workers expect their reservation

wage to decline by 0.3 to 0.4 percent per week, similar to the actual declines noted above. To

our knowledge, we are the first to document these accurate expectations among UI recipients.

We find evidence that workers who subsequently remain unemployed expect declines in

reservation wages similar to those for workers who exit unemployment. These results also

suggest that dynamic selection is unlikely to be important for our results.

Worker rents reduce initial reservation wages and hasten their decline over the un-

employment spell. For example, union coverage on the lost job—one measure of worker

rents—reduces initial reservation wages by almost 10 percentage points. This reduction is

large given that initial reservation wages are only slightly below wages on the lost job. We

also study how wage residuals on the lost job—defined as the wage on the lost job less the

prediction from a standard Mincerian wage regression—impact reservation wage declines.
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We find that a one-standard-deviation increase in the log wage residual on the last job almost

doubles the pace of reservation wage declines over the unemployment spell. This effect is

driven by workers with high wage residuals; workers with residuals in the first quartile of the

wage residual distribution have no meaningful declines in their reservation wage over their

unemployment spell. This result is not driven by proximity to the minimum wage.

Worker rents also hasten the declines in expected reservation wages, and workers with

the smallest rents over-predict how much their reservation wages will decline. We find that

workers in the fourth wage residual quartile expect their reservation wages to decline almost

twice as steeply as those of workers in the first quartile. Moreover, even though workers in

the first quartile expect their reservation wages to decline by 0.26 percent per week, they

have no meaningful changes in their reservation wage over their unemployment spell, as

noted above.

Finally, we find that initial reservation wages help predict re-employment wages, even

controlling for wages on the lost job. Our results are consistent with those of Koenig et al.

(2023), who use UK and German data and fixed-effects specifications to document that

higher reported reservation wages imply higher re-employment wages. These results confirm

the value of eliciting data on individual reservation wages to understand the outcomes of

unemployed workers.

The next section describes related research. Section 3 presents a canonical model and

discusses the quantitative implications of two calibrations: one based on the KM sample and

one based on our sample. Section 4 describes our survey, reports summary statistics, and

presents our empirical strategy. Section 5 studies reservation wages shortly after job loss and

how they evolve with unemployment duration. Section 6 studies workers’ expectations about

how their reservation wages will evolve and draws out the implications for dynamic selection.

Section 7 studies how worker rents on the lost job affect reservation wage levels shortly after

job loss, and how they affect the trajectory of reservation wages over the unemployment

spell. Section 8 relates reservation wages to re-employment wages. Section 9 concludes.

2 Related Research

Our paper connects with several literatures and contributes to them in at least three ways.

First, we contribute to the literature about reservation wages during unemployment by

producing and analyzing new longitudinal survey data. Earlier studies in this literature use

cross-sectional data on reservation wages (e.g., Kasper, 1967; Feldstein and Poterba, 1984;

Devine and Kiefer, 1991). Krueger and Mueller (2016) highlight that job losers who have

high (low) reservation wages relative to their wage opportunities might be more (less) likely

to remain unemployed over time. This selection effect could impart an upward bias to the
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estimated effect of spell duration on reservation wages in cross-sectional data. As in Krueger

and Mueller (2016), we exploit longitudinal data to address this selection issue.1 We find

that these selection effects are likely small in this context.

Second, to our knowledge, we are the first to elicit workers’ expectations about the

evolution of their reservation wages if they remain unemployed. In theory, reservation wages

respond to workers’ labor market opportunities, as captured by job offer arrival rates and wage-

offer distributions. Therefore, expectations about reservation wages summarize a worker’s

beliefs about how these model primitives, and their other endogenous choices, will evolve

over their unemployment spell. These beliefs are central to the tradeoff faced by unemployed

workers: whether to accept an offer today or to continue searching for an uncertain offer in the

future. Moreover, biases in these beliefs will affect a worker’s ‘‘search and acceptance behavior,

with important implications for labor market policies such as unemployment insurance and

job training programs’’ (Mueller and Spinnewijn, 2023). Previous work has documented

persistently biased beliefs in this context. For example, Spinnewijn (2015) and Mueller et al.

(2021) find that unemployed workers are too optimistic about their job finding prospects

and they resist lowering their expectations.2 Potter (2021) finds evidence that ‘‘workers are

uncertain about the offer arrival process and learn through search.’’ Similarly, Kroft et al.

(2013) and Bradley and Mann (2023) present evidence about duration dependence in call-back

rates and expected job finding probabilities during unemployment spells, respectively. Our

expectations data about reservation wages, coupled with our longitudinal data on realized

reservation wages, allow us to assess whether expectations differ from realizations over

the unemployment spell. We find that expected mean declines in reservation wages are

broadly consistent with realized mean declines in reservation wages. Our findings leave

open the possibility that, despite accurate mean expectations about their reservation wage,

re-employment wages are below workers’ targeted wages, as in Drahs et al. (2018) and

Caliendo et al. (2023).

Third, our results are related to the literature about worker outcomes, unemployment

duration, UI benefits, and UI exhaustion (e.g., DellaVigna and Paserman, 2005; Schmieder

and von Wachter, 2016; DellaVigna et al., 2022). For example, our results suggest that in

some contexts reservation wages decline with unemployment duration and that reservation

wages help predict re-employment wages. The latter is inconsistent with Schmieder et al.

(2016), who find evidence that reservation wages do not bind. Our results support findings by

Marinescu and Skandalis (2021), who find that the predictions of a canonical job search model

1Heckman and Singer (1984) show that it is impossible, without invoking strong assumptions, to disentangle
true duration effects from the effects of unobserved heterogeneity in datasets with one only observation per
person.

2He and Kircher (2023) suggest that these stable job finding expectations among the unemployed could
be explained by positive news about aggregate conditions during the expansion in the 2010s.
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for search effort and reservation wages are largely borne out among French unemployed job

seekers. Our results also inform the findings in Nekoei and Weber (2017). They argue that

a higher potential benefit duration (PBD) has ambiguous effects on re-employment wages

because higher PBD could increase reservation wages, but consequently longer unemployment

durations could reduce reservation wages due to negative duration dependence. We provide

evidence of significant negative duration dependence in reservation wages.

3 The Canonical Model

In this section, we present the canonical model and discuss the quantitative implications of

two calibrations: one based on the KM sample and one based on the DK sample. Additions

to the canonical model—such as savings or learning—would hasten the decline of reservation

wages over the unemployment spell, as discussed in Krueger and Mueller (2016).

3.1 Setup

We study the implications of a canonical job search model with a finite duration of unem-

ployment insurance benefits—as in Mortensen (1977) and Krueger and Mueller (2016)—for

the behavior of reservation wages while unemployed. The model includes ex-ante identical

workers who search over a wage distribution on and off the job. To qualify for unemploy-

ment insurance benefits, a worker must be employed for at least m̄ periods before job loss.

Unemployment insurance benefits are exhausted after T periods. We assume that job loss is

exogenous, there are no savings and search effort decisions, and time is discrete. We highlight

the implications for reservation wage ratios, defined as the reservation wage divided by the

wage on the last job. This focus is consistent with our empirical results in section 5, which

also analyze dynamics in the reservation wage ratio to control for individual heterogeneity.

3.2 Bellman Equations

The value of unemployment, U (t), satisfies the following equation:

U (t) = u (b (t)) + β

{
(1− λ)U (t− 1) + λ

∫
max {W (x,m = 0) , U (t− 1)} dF (x)

}
, (1)

in which t is the remaining duration of unemployment benefits, β is the discount factor, λ is

the job arrival probability for unemployed workers, m is the number of months employed,

and W (x,m = 0) is the value of starting an employment spell out of unemployment with

wage equal to x. An unemployed worker receives flow utility u (b (t)). With probability

(1− λ) the worker remains unemployed next period and has one less period of unemployment

benefits. With probability λ the worker receives a wage offer from distribution F (·). The
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worker accepts the offer only if the value of employment at wage x, W (x,m = 0), exceeds

the value of continued unemployment, U (t− 1). Appendix A.1 shows that equation (1) is

identical to equation (1) in KM.

The value of employment for a worker who has not qualified for UI benefits (m < m̄),

satisfies the following equation:

W (w,m) = u (w) + β

[
δU (0) + (1− λe) (1− δ)W (w,m+ 1)

+ λe (1− δ)

∫
max {W (x,m+ 1) ,W (w,m+ 1)} dF (x)

]
.

(2)

An employed worker receives flow utility u (w). The following period, exogenous job loss

occurs with probability δ. If the shock does not occur, the worker receives no outside job offer

with probability (1− λe) and remains employed at the current wage. The worker receives an

outside offer with probability λe and draws a new wage offer from distribution F (·). If the
new wage offer exceeds the current wage, the worker switches jobs.

The value of employment for a worker who has qualified for UI benefits (m ≥ m̄), satisfies

the following equation:

W (w, m̄) = u (w) + β

[
δU (T ) + (1− λe) (1− δ)W (w, m̄)

+ λe (1− δ)

∫
max {W (x, m̄) ,W (w, m̄)} dF (x)

]
.

(3)

This equation is similar to equation (2), but the worker qualifies for T periods of unemployment

benefits upon job loss.

3.3 Calibrations

We compare model predictions in two calibrations. The first calibration is from Krueger

and Mueller (2016) and is consistent with conditions during the KM survey of UI claimants

from October 2009 to March 2010. The second calibration more closely resembles conditions

from September 2018 to July 2019, when we fielded our survey of UI claimants (Davis and

Krolikowski, 2024).

The two calibrations are similar, with three exceptions, as shown in Table 1. First, the

KM survey sample was eligible for up to 99 weeks (23 months) of unemployment benefits

because of state-level and federal extensions associated with the 2008-2009 recession. Our

sample was eligible for a maximum of 26 weeks (6 months) of unemployment benefits. Second,

we target a mean unemployment duration of 4 months because KM targeted 6 months and

the mean unemployment duration in the Current Population Survey (CPS) fell by about 2
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months between the end of 2009 and the end of 2018. Third, we target a mean employment-

to-employment (EE) transition probability that is 0.2 percentage points higher than in the

KM calibration, consistent with the increase in EE rates between the KM sample period and

our sample period. (We depict the mean unemployment duration in the CPS and the mean

EE rate from Fujita et al., 2020, in Figure A1.) We internally calibrate the job offer arrival

probabilities off and on the job (λ and λe) to match this mean unemployment duration and

this mean EE rate. We externally calibrate the remaining parameters of the model.

Aside from these three differences, we employ the same calibration as in KM to facilitate

comparisons. Namely, we assume the same constant relative risk aversion utility function

(γ = 2), the same monthly probability of job loss (δ = 0.02), the same log-normal wage offer

distribution (µw = 1, σw = 0.24), the same number of months to qualify for UI benefits

(m̄ = 6), and the same flow payoff during unemployment before and after benefit exhaustion

(b = 0.76, and the drop in consumption at UI exhaustion is 0.313). Appendix A.2 includes

some additional details.

3.4 Model Results

In this section we explore the quantitative implications of the two calibrations for the

reservation wage ratio over the unemployment spell.

In the KM calibration, agents who enter unemployment have, on average, a reservation

wage ratio slightly below 0.75 so that their initial reservation wage is about 25 percent below

the wage on their lost job, as shown in Figure 1a. In the first year of unemployment, agents’

reservation wage ratio falls only slightly, to about 0.72. Over the next year, the reservation

wage ratio falls more sharply, and ends up at about 0.59 at benefit exhaustion. During a

23-month unemployment spell, the (unweighted) mean decline in the reservation wage ratio

is 0.23 percent per week, as shown in Figure 1b, row 1, column 2. The (unweighted) average

curvature of the reservation wage ratio over this period is -0.0014.3 The reservation wage

ratio is flat after benefit exhaustion because the environment becomes stationary.4

The DK calibration implies a steeper decline in the reservation wage ratio over the

unemployment spell before benefit exhaustion relative to the KM calibration. In the DK

calibration, agents who enter unemployment have, on average, a reservation wage ratio of

slightly below 0.75, similar to the KM calibration. Before benefit exhaustion, the (unweighted)

mean decline in the reservation wage ratio in the DK calibration is about 0.58 percent per

3 The curvature of a function y = f (x) is defined as κ (x) = f ′′ (x) /
(
1 + (f ′ (x))

2
)3/2

. Intuitively,

curvature measures how fast a curve is changing direction at a given point. Thus, the curvature is well
approximated by the second derivative of a function if the first derivative is small. We define the average
curvature as the mean of the curvature at each point.

4Figure 1b also presents weighted statistics that use the distribution of unemployment duration for our
sample in section 5.
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week, as shown in Figure 1b, row 2, column 1. This decline is about three times as steep

as in the KM calibration. Also, the (unweighted) average curvature is higher (in absolute

terms) in the DK calibration than in the KM calibration. The wage after benefit exhaustion

is lower in the model with longer benefit durations relative to the model with shorter benefit

durations because workers need to qualify for benefits by working at least m̄ months. So

more generous UI benefits mean workers are willing to accept lower wages to qualify for

benefits sooner. Figure A2 shows the trajectory of 100× ln (reservation wage ratio), which is

the outcome variable in our empirical work in section 5.

Figure 2 explains the steeper decline in the reservation wage ratio in the DK calibration

than in the KM calibration by presenting comparative statics with respect to UI benefit

duration and job offer arrival rates. The steeper decline in the DK calibration is chiefly driven

by shorter benefit durations as opposed to higher job offer arrival rates. Figure 2a repeats

the reservation wage ratio from the KM calibration. Figure 2b shows how the reservation

wage ratio over the unemployment spell changes if we reduce benefit duration (T ) from 23

months to 6 months. With shorter benefit duration, workers are less picky at the beginning

of the unemployment spell. Also, their reservation wage declines faster than in the model

with longer benefit durations because benefit exhaustion is more likely. In particular, in

the model with shorter unemployment insurance benefits, the (unweighted) mean decline in

the reservation wage ratio is 0.6 percent per week, more than twice as large as in the KM

calibration. The average curvature of the reservation wage ratio over the unemployment

spell also falls, from -0.0014 to -0.0033, suggesting that the reservation wage ratio is more

concave.

Figure 2c shows how the reservation wage ratio over the unemployment spell changes if

we double both the off- and on-the-job offer arrival rates simultaneously. On net, workers

become pickier throughout their unemployment spell, before and after benefit exhaustion.

The mean decline in the reservation wage ratio is similar to that in Figure 2a. However,

agents wait longer to make reductions in their reservation wage and the (unweighted) average

curvature rises in absolute value. Increasing the job offer arrival rate for unemployed workers

has different effects on the reservation wage ratio than increasing the job offer arrival rate for

employed workers, as discussed in appendix A.3 (Figure A3). In short, raising the unemployed

job offer arrival rate increases reservation wages, while raising the employed job offer arrival

rate lowers reservation wages because workers want to get on the job ladder sooner.

Figure 2d shows the reservation wage ratio when we shorten the UI benefit duration

and double both job offer arrival rates. The result is a combination of Figures 2b and 2c.

The (unweighted) mean decline rises to 0.73 percent per week and the function becomes

significantly more concave on average, relative to the KM calibration.

In sum, the canonical model has three implications for the reservation wage ratio over
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the unemployment spell. First, initial reservation wages should be about 25 percent below

the wage on the lost job. Second, shorter UI benefit duration and higher job offer arrival

rates should hasten the decline of the reservation wage ratio over the unemployment spell.

According to the canonical model, the reservation wage ratio should fall by about 0.2 percent

per week in the KM sample and by about 0.6 percent per week in the DK sample. Third, the

reservation wage ratio should be concave with respect to unemployment duration.

4 Data, Descriptive Statistics, and Empirical Strategy

In this section, we describe the survey data from Davis and Krolikowski (2024) and Krueger

and Mueller (2016), as well as our empirical strategy.

4.1 Our Survey of Unemployment Insurance Recipients

Our sample consists of about 2,500 permanently laid-off workers in Illinois. These individuals

were surveyed at least once in an ‘‘entry survey’’ within weeks of their initial UI benefit

payment. Individuals responded to at most two follow-up surveys, invitations to which were

sent out at randomized intervals. These follow-up surveys were administered to individuals

regardless of their labor market status so that we follow some individuals into new employment.

Entry surveys were fielded beginning in September 2018 and the last follow-up wave was

fielded in July 2019. The KM sample consists of about 6,000 UI claimants who were surveyed

each week for up to 24 weeks from October 2009 to April 2010. The sample was drawn from

the universe of unemployed workers in New Jersey based on unemployment duration.5

Both surveys elicited information about reservation wages, search effort, and wage offers,

among several other variables. In addition, the DK survey elicits workers’ expectations

about how their reservation wage will evolve over the unemployment spell, it follows workers

into employment, and it asks them about their preferences over job characteristics at the

beginning of the spell. The entry surveys for the KM and DK surveys had similar response

rates of about 10 percent. We present details about the DK survey in appendix B.1, and

details about data cleaning and sample selection in appendix B.2.

The two surveys elicit reservation wages with similar questions. In the DK survey, the

reservation wage is elicited with the question: ‘‘Suppose someone offered you a job today

that is suitable in terms of hours, skills, responsibilities and non-wage benefits. What is the

lowest wage or salary, before taxes and deductions, you would accept? Please include in

this amount any bonuses, overtime pay, tips or commissions that you would expect.’’ The

respondent chooses the pay period (hourly, bi-weekly, twice monthly, monthly, annually),

5KM include temporary layoffs in their baseline sample, whereas we restrict attention to permanent layoffs.
But their main results are quantitatively similar if we restrict their sample to permanently laid-off workers.
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and the dollar amount per period. The KM survey asks: ‘‘Suppose someone offered you

a job today. What is the lowest wage or salary you would accept (before deductions) for

the type of work you are looking for?’’ These questions are similar to those in the Current

Populations Survey and used by Feldstein and Poterba (1984).

4.2 Summary Statistics

Table 2 presents sample summary statistics. Relative to newly unemployed job losers in the

CPS, our sample is older, more educated, and tilted to manufacturing. These patterns reflect

UI eligibility requirements and higher unionization in manufacturing, plus union efforts to

raise UI take-up rates (Blank and Card, 1991). Relative to the CPS, our sample also tilts

toward women, a common survey response pattern (Curtin et al., 2000). Our sample is

similar to the KM sample in many dimensions, including gender, age, race, and ethnicity,

although our sample is more educated. Because of the differing survey designs, our sample

has a shorter mean unemployment duration during the entry survey (5.6 weeks) than the

KM sample (47 weeks). Figure 3 shows unemployment duration distributions in the two

samples. The two samples also have similar occupational distributions, as shown in Table

A1, although our sample has more workers from sales occupations relative to the CPS and

KM samples. Relative to the CPS, both samples have fewer construction, extraction, and

service occupation workers but more workers from management, office and administrative

support, and professional occupations. We will focus on unweighted results below, but our

main findings also hold when we re-weight to match the CPS, as discussed in appendix B.3.

4.3 Empirical Strategy

We estimate the following equation:

yit = αi + ζdit + ηXit + ϵit, (4)

in which yit is an outcome variable, αi are individual fixed effects, dit is unemployment

duration (in weeks), and Xit are additional covariates that vary with individual i and time

period t. We also estimate equation (4) without individual fixed effects. In this case we

include additional covariates in Xit, some of which do not vary over time in our sample, such

as education. We cluster standard errors at the person level.

5 Reservation Wages over the Unemployment Spell

In this section, we compare declines in the reservation wage ratio over the unemployment

spell in the DK and KM samples with the implications from the canonical model in section 3.
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5.1 Initial Reservation Wage Ratios

Workers in our sample set their initial reservation wages too high relative to model predictions.

Figure A4 shows a binned scatterplot of the reservation wage ratio over unemployment

duration after controlling for individual fixed effects. At 5.6 weeks—the mean unemployment

duration of respondents during the entry survey (Table 2, column 1)—mean reservation

wages are about four percent below wages on the lost job. Based on entry survey responses,

Column 1 of Table 3 also suggests that the mean reservation wage is about 4 percent below

the wage on the lost job. In contrast, the calibrated model in section 3.4 suggests that

reservation wages at the beginning of the unemployment spell should be about 25 percent

below the previous wage.

This anchoring of reservation wages at the previous wage is consistent with several other

studies. For example, Krueger and Mueller (2016) find similar results using the KM sample.

Caliendo et al. (2023) find that job seekers’ subjective wage expectations are too narrowly

centered around their previous wage when compared to wage changes using administrative

data, similar to findings in Drahs et al. (2018). Feldstein and Poterba (1984) find that many

recent job losers report reservation wages close to their previous wage. Jäger et al. (2023)

find that employed workers appear to anchor their expectations about outside opportunities

on their current wage.

We also find that tenure and race have significant effects on reservation wage ratios at

the beginning of the unemployment spell, as shown in Table 3, column 1. First, workers

with higher tenure report lower reservation wages. For example, workers with more than

5 years of tenure, report reservation wages that are 9.2 percentage points below those of

workers with less than 6 months of tenure. This finding aligns well with related evidence that

post-displacement earnings losses rise with tenure (e.g., von Wachter et al., 2009), possibly

because displaced workers lose valuable firm-specific human capital (Carrington and Fallick,

2017). Second, Black job losers report reservation wage ratios that are 5.6 percentage points

higher than those of white job losers. This effect is smaller and insignificant when we allow

the coefficient on the previous wage to vary instead of fixing it to one, as shown in Table A2.

Surprisingly, we do not find any significant differences in reservation wage ratios between

men and women in Table 3. Krueger and Mueller (2016, Table 1) and Le Barbanchon et al.

(2019, Table 1) find that women report lower reservation wage ratios, although the effect

size is larger in the former (-8.3pp) and smaller in the latter (-2.9pp). Caliendo et al. (2017)

and Kim et al. (2024) also find that women tend to report lower reservation wages then men.

But specifications in these two papers allow the coefficient on the previous wage to differ

from one. When we estimate this specification using our sample, we also find that women

report lower reservation wages than men, as shown in Table A2.

Finally, we note that the standard deviation of reservation wage ratios is large: about 33
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log points. This dispersion suggests substantial heterogeneity in reservation wage ratios across

individuals, which is inconsistent with the canonical model. Nevertheless, the R-squared of

the model is small (0.07), suggesting that observables account for only a small share of the

variation in reservation wage ratios, consistent with the canonical model.

5.2 Declines in Reservation Wage Ratios

We present three results in Table 4. First, estimating equation (4) suggests that reservation

wage ratios decline by about 0.28 percent per week in the DK sample, as shown in columns

1 and 2. This effect is highly statistically significant. Whether we account for individual

fixed effects or not, the estimated coefficient is similar (0.28 vs. 0.26). Nevertheless, the fixed

effect estimate has a considerably smaller standard error (0.055) than the cross-sectional

estimate (0.107). Thus, the fixed effect estimate in column 2 is our preferred estimate.

We also find only weak evidence that selection imposes an upward bias on the estimated

effect of spell duration on reservation wages in cross-sectional data. Cross-sectional estimates

might be upwardly biased because job losers who have high (low) reservation wages relative to

their wage opportunities are more (less) likely to remain unemployed over time, as discussed

in Krueger and Mueller (2016). The difference in the estimated coefficients between columns

1 and 2 in Table 4 includes a combination of a different sample and a different specification.

Estimating the pooled cross-section specification in column 1 on the longitudinal sample in

column 2 yields a coefficient of -0.22 (-0.12) (see appendix C.1 and Table A3 for details).

With the same samples, the fixed effects specification yields larger declines in reservation wage

ratios than the pooled cross-section specification (-0.28 percent per week vs. -0.22 percent

per week, respectively). This difference suggests some upward bias in the cross-sectional

estimates. Nevertheless, the standard error on the estimate from the pooled cross-section

specification is large, and we cannot reject the null hypothesis that the two estimates are

the same. As a whole, our results suggest only small effects of dynamic selection on our

estimates.

The second result in Table 4 is that reductions in the reservation wage ratio over the

unemployment spell are significantly faster in the DK sample than in the KM sample,

consistent with the predictions of the canonical model. The difference between fixed-effect

estimates in the two samples is economically significant: -0.28 percent per week in the DK

sample (column 2) and -0.056 percent per week in the KM sample (column 4). Moreover, we

can reject the null hypothesis that the coefficient on weeks unemployed is the same in the two

samples (p = 0.003). The canonical model suggests that shorter benefit durations are largely

responsible for these faster declines in the reservation wage ratio in the DK sample than in

the KM sample, as discussed in section 3.4. These results are consistent with findings that

extensions to UI benefit duration can raise the unemployment rate, especially when initial
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durations are short (as in Acosta et al., 2023), because workers raise their reservation wages.

The pooled cross-section estimate using the KM sample is within the 95 percent confidence

interval of the fixed-effect estimate, suggesting that dynamic selection has only small effects

in the KM sample.

The estimated decline in the reservation wage over the unemployment spell is larger than

in most other studies, in addition to those in KM, which is consistent with the qualitative

predictions of the canonical model. For example, Deschacht and Vansteenkiste (2021) find

that reservation wages fall by about 0.1 percent per week in a sample of Belgian workers in

2011. Reservation wages were measured at zero, three, and six months of unemployment

in that study. Workers that qualify for UI in Belgium are eligible for at least two years of

benefits, and most workers are eligible indefinitely (Cockx and Ries, 2004). Therefore, the

canonical model suggests that declines in the reservation wage in the first six months of

unemployment should likely be smaller in that context than in our context. Another example

is Addison et al. (2013), who also find small effects of unemployment duration on reservation

wages. But again, their sample is composed of individuals in 15 European Union member

states, where potential benefit durations are typically long, and sample individuals are (on

average) far from benefit exhaustion. Our estimates are also larger in absolute value than

those in Kim et al. (2024), who use cross-sectional data, and Marinescu and Skandalis (2021)

and Fluchtmann et al. (2024).

In addition to the importance of benefit duration, the canonical model emphasizes that

repeated observations on reservation wages throughout the unemployment spell are important

for identifying the average effect of unemployment duration on reservation wages because this

effect varies with duration before benefit exhaustion. These various results are also consistent

with this implication. For example, Marinescu and Skandalis (2021) find that adjustments

to reservation wages occur mostly in the quarter before UI exhaustion. Our survey is well

designed in this regard because it provides longitudinal observations on workers throughout

their unemployment spell and into new employment.

There are two alternative explanations for why the reservation wage declines in our sample

are steeper than in the KM survey. First, if learning is important, unemployed workers may

adjust their reservation wages less in slack labor markets than in tight labor markets. When

labor markets are slack and aggregate job-finding rates are depressed—as they were during

the KM survey—workers may learn little about their individual labor market opportunities if

they experience difficulties finding a new job. In contrast, when labor markets are tight and

job finding rates are high—as they were during the DK survey—workers who have trouble

finding new employment may infer that their individual labor market prospects are poor and

adjust downward their reservation wages accordingly. Similarly, employers may take less

signal about workers’ ability from unemployment duration during slack labor markets than
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tight labor markets, as in Kroft et al. (2013). Bradley and Mann (2023) present some evidence

about duration dependence in workers’ expected jo finding probabilities during unemployment

spells. In future work, we hope to field our survey in different aggregate conditions to test

this hypothesis. Second, different survey frequencies could explain our results. In particular,

the KM survey was fielded weekly, while our follow-up surveys had randomized follow-up

intervals, which varied from 2 to 16 weeks. It is possible that higher-frequency elicitation of

the reservation wage makes it more likely that workers report their lagged reservation wage,

rather than reconsider and introspect again. This behavior would imply stickier reservation

wages over unemployment duration in a higher-frequency survey. We are unaware of evidence

from survey methodology that tests this hypothesis.

The third result in Table 4 is that the mean decline in the reservation wage ratio in the

DK sample is significantly slower than the decline implied by the calibrated model, similar

to the results in KM. We estimate equation (4) using simulated data that are weighted by

the unemployment duration distribution in the DK sample.6 The model does not include

individual fixed effects so we omit these from the estimating equation. We show the resulting

coefficient in the last row of Table 4 (columns 1 and 2): -0.685. The 95 percent confidence

interval of the empirical counterpart in column 2 does not include this value. Similarly, the

fixed-effect coefficient using the KM sample (-0.056) implies a significantly slower reduction

in the reservation wage ratio with weeks unemployed than the calibrated model (-.202). So

the canonical model successfully predicts the larger reductions in reservation wages in the

DK sample than in the KM sample, but in both samples, workers adjust their reservation

wages too slowly relative to model predictions.

Point estimates using our sample suggest that the reservation wage ratio is concave with

respect to unemployment duration—consistent with the canonical model—but the results are

noisy. Appendix C.2 and Table A4 have details.

6 Expectations about Reservation Wages

In this section, we study workers’ expectations about how their reservation wages will evolve

and we draw out implications for dynamic selection. Workers’ expectations about reservation

wages are elicited during the entry survey with the following question: ‘‘If you don’t find

suitable work in the next h months, would that change your mind about the lowest wage

or salary you would accept?’’ in which we randomize h over 1, 2, 3, and 6 months. For

respondents who answer ‘‘no’’ to this question, we assume that their reservation wage remains

unchanged at horizon h. For respondents who answer ‘‘yes’’ to this question, we follow up

by asking: ‘‘In that case, how much would you increase or decrease your lowest acceptable

6We use the distribution over the first six months and re-weight uniformly so that this distribution sums
to 1, as in in Figure 1b.
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wage or salary?’’ The respondent specifies whether they would increase or decrease their

reservation wage, the pay period (hourly, bi-weekly, twice monthly, monthly, annually), and

the dollar amount per period.

6.1 Determinants of Reservation Wage Ratio Expectations

Observables that are important for determining reservation wage ratios during the entry

survey (in Table 3) are also important for explaining expectations about future reservation

wage ratios, as shown in Table A7. In particular, Blacks tend to report higher reservation

wage ratio expectations. And workers who had high tenure on their previous job and who

lost jobs covered by a union contract report lower reservation wage ratio expectations.

6.2 Reservation Wage Ratio Expectations Over the Unemployment Spell

Columns 1 and 2 of Table 5 show how expected reservation wages vary with unemployment

duration using a pooled cross-section specification and a fixed-effect specification. We assume

that the expected reservation wage at horizon h = 0 is the reservation wage reported during

the entry survey. So each individual has two expected reservation wage ratio observations:

one from the entry survey and one from the hypothetical horizon. These two reservation

wage observations correspond to unemployment duration at the time of the entry survey and

unemployment duration at the entry survey plus the hypothetical horizon, h.

Expected mean declines in the reservation wage ratio are broadly consistent with realized

mean declines in the reservation wage ratio, as in the canonical model. We estimate equation

(4). The pooled cross-section specification implies that workers expect their reservation wages

to fall by about 0.23 percent per week (Table 5, column 1). The fixed-effect specification

suggests that this coefficient is -0.34 (Table 5, column 2), which is within the 95 percent

confidence interval of the pooled cross-section estimate. These magnitudes are comparable to

the estimated effect of weeks unemployed on realized reservation wages in Table 4 column

2 (-0.28). Therefore, workers’ expectations about how their reservation wage will evolve if

they remain unemployed are largely congruent with reservation wage realizations. Figure A5

shows the binned scatterplot of the natural log of the expected reservation wage ratio by

unemployment duration after controlling for individual fixed effects.7

To our knowledge, we are the first to document that the unemployed, on average, have

accurate expectations about their reservation wage trajectories. Our findings contribute to

a growing literature on workers’ beliefs and expectations during job search, as reviewed in

Mueller and Spinnewijn (2023). For example, our results complement Conlon et al. (2021),

7First difference specifications in which the outcome variable is 100 times the natural log of the ratio of
the expected reservation wage at horizon h and the reservation wage at the entry survey yield the same
results because there are only two expected reservation wage observations.



16 DAVIS AND KROLIKOWSKI: Reservation Wages Revisited

who find that average expected wages among employed workers in the US are only slightly

above average actual received wage offers. They also find that workers update beliefs when

they receive offers that differ from their expectations. We study how reservation wages, and

their declines, vary with worker rents on the lost job in section 7. It’s also worth noting

that workers’ re-employment outcomes may differ from their expectations (as in Drahs

et al., 2018; Caliendo et al., 2023), despite our finding that they correctly predict how their

reservation wage will evolve with unemployment duration. We discuss reservation wages

and re-employment wages in section 8.

6.3 Dynamic Selection

Individuals who expect larger declines in reservation wage declines may be more likely to

find employment after the entry survey than individuals who expect smaller declines in

reservation wage. If so, then it may be inappropriate to compare the coefficients in Table 4

column 2, which are based on a sample of workers for whom we have at least two reservation

wage observations, to those in Table 5 column 2, which is based on a sample with at least

one reservation wage observation. In particular, the coefficients in Table 5 may be biased

downward.

To address this concern, we estimate the fixed-effects specification on the expectations

data, but restrict it to the longitudinal sample. We find that dynamic selection does not

meaningfully alter our finding that mean expected declines in reservation wages (in Table

5) are largely congruent with mean realized declines (in Table 4). We present the results

in column 3 of Table 5. If anything, those individuals who remain unemployed beyond

the entry survey expect larger declines in their reservation wage at the beginning of their

unemployment spell than those who do not necessarily remain unemployed (-.40 percent per

week vs. -0.34 percent per week). Nevertheless, these results support the idea that workers

who anticipate re-employment difficulties—and subsequently remain unemployed in follow-up

surveys—expect to reduce their reservation wages faster than those who subsequently find

employment, although our results are noisy.

7 Worker Rents and Reservation Wages

The canonical model in section 3 predicts that all workers will have the same reservation

wages and reservation wage declines over the unemployment spell, regardless of wages on

their previous job. In this section, we study whether our data support these predictions. In

particular, we study how worker rents on the lost job affect reservation wage ratio levels

shortly after job loss, and how they affect the trajectory of reservation wage ratios over the

unemployment spell. We also study how worker rents on the lost job affect expectations



17 DAVIS AND KROLIKOWSKI: Reservation Wages Revisited

about the trajectory of reservation wages over the unemployment spell.

7.1 During the Entry Survey

It is natural to hypothesize that initial reservation wage ratios may be lower among UI

recipients who enjoyed greater rents on their lost jobs. After job loss, these workers may

adjust their wage expectations to better align with their labor market opportunities.

To operationalize this hypothesis, we consider whether union coverage on the lost job—one

measure of rents—predicts reservation wages. In our survey we ask workers: ‘‘Was the job

that ended on [date] covered by a union contract?’’ This variable is motivated by a large

body of evidence that union jobs often pay wages that exceed what union members can earn

in other jobs. See, for example, Freeman and Medoff (1984) and Lewis (1986).

Union coverage on the lost job reduces the reservation wage substantially during the

entry survey. We return to Table 3 and add union coverage on the lost job to our statistical

model for the reservation wage ratio in column 2. Previous results continue to hold, and

union coverage has material effects on the reservation wage ratio during the entry survey. In

particular, union coverage reduces the reservation wage ratio by 9.2 percentage points and

the coefficient is highly statistically significant. The magnitude is also economically large

given that reservation wages are, on average, about 4 percent below wages on the lost job.

7.2 Reservation Wages Beyond the Entry Survey

We study whether rents on the previous job affect the trajectory of reservation wage ratios

beyond the entry survey. Job losers may take time to learn about their labor market

opportunities, especially because they anchor their initial reservation wages closer to their

previous wage than the canonical model predicts (section 5.1). That is, workers with high

(low) rents on their previous job might learn about their labor market opportunities during

unemployment and revise downward (upward) their reservation wages. In related work,

Conlon et al. (2021) find that employed workers revise their wage expectations when they

receive outside offers that differ from their ex-ante beliefs.

In this section, we construct a worker-level rent variable using the residual from a standard

Mincerian wage regression. Specifically, we obtain the residual from a regression of the

lost-job log wage on a quadratic polynomial in potential experience (age minus years of

schooling) and dummy variables for four levels of education, sex, six race/ethnicity categories,

and hourly pay on the lost job. This residual might capture firm-specific skills, among other

things. The Mincerian regression yields an R-squared value of 0.31. The standard deviation

of the regression residual is 0.52.8

8We do not use this rent variable in section 7.1 because higher wage residuals on the previous job
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We find that higher rents on the previous job imply sharper declines in the reservation

wage ratio over the unemployment spell, as shown in Table 6. Column 1 repeats our baseline

estimates from Table 4. Column 2 adds an interaction of unemployment duration with the

individual’s wage residual. The point estimate says that an increase in the log wage residual

of one standard deviation hastens the decline of the reservation wage ratio by 0.19 percent per

week (1× 0.52× 0.356). This effect is comparable to the baseline effect of weeks unemployed

on the reservation wage ratio in this specification (-0.26 percent per week). Moreover, this

estimate may understate the true impact of worker-level rents on the willingness to accept

job-saving pay cuts, because the simplicity of our wage model may yield a rather noisy

measure of rents.9 These results are consistent with those in Deschacht and Vansteenkiste

(2021, Table 6), who find that workers with higher previous wages reduce their reservation

wages faster with unemployment duration.

We find that the effect of rents on the reservation wage is non-linear, as shown in Table

6, column 3. This column interacts weeks unemployed with quartiles of the wage residual

distribution, omitting the first quartile. We find that the effect in column 2 is driven by

individuals with higher wage residuals, in the upper three quartiles. And these individuals all

have similar declines in the reservation wage ratio over the unemployment spell of about -0.4

percent per week. Individuals in the first wage residual quartile increase their reservation

wage ratios by 0.1 percent per week, although this estimate is noisy. Figure A6 shows a

binned scatterplot of the log reservation wage ratio by unemployment duration and wage

residual quartile on the lost job after controlling for individual fixed effects.

Individuals in the first wage residual quartile have wages that are closer to the minimum

wage, on average, than individuals with higher wage residuals. Thus, our results may be

mechanical because these individuals have less scope for downward adjustments to their

reservation wages. In appendix C.4 we show that our results are not driven by the minimum

wage. For example, the results are similar when we restrict the sample to individuals whose

wages on the lost job were well above the Illinois minimum wage when our survey was in the

field.

7.3 Worker Rents and Expected Reservation Wages

Higher rents on the previous job imply sharper expected declines in the reservation wage over

the unemployment spell, although this effect is quantitatively less important for reservation

mechanically lower the level of the reservation wage ratio—defined as the reservation wage divided by the
previous wage. However, there is no mechanical implication for how these residuals should alter the slope of
the reservation wage ratio over the unemployment spell.

9We find that union coverage and higher industry premia do not hasten the decline of the reservation
wage ratio over the unemployment spell. We discuss these results in appendix C.3. We do not include an
industry premium as a measure of rents in section 7.1 because that analysis already includes industry fixed
effects.
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wage expectations than realizations. Column 1 of Table 7 repeats our baseline estimates

from Table 5, column 2. Column 2 adds an interaction of unemployment duration with the

individual’s wage residual. The point estimate says that an increase in the log wage residual

of one standard deviation hastens the expected decline of reservation wage ratios by 0.07

percent per week (1× 0.52× 0.125). This effect is notably smaller than the effect of the same

increase in rents on realized reservation wage ratios (-0.19 percent per week).

Regardless of the magnitude of rents on their previous job, workers expect their reservation

wages to decline over their unemployment spell, although workers with higher rents expect

sharper declines, as shown in Table 7, column 3. This column interacts weeks unemployed

with quartiles of the wage residual distribution, omitting the first quartile. We find that

workers with rents in the lowest quartile expect their reservation wage ratio to decline by

0.26 percent per week, somewhat slower than the mean decline of 0.34 percent in column

1. Column 3 also shows that higher rents on the previous job imply sharper declines in the

reservation wage ratio. For example, workers in the fourth wage residual quartile expect their

reservation wage ratios to fall almost twice as quickly (0.44 percent per week) as those in

the first quartile. Figure A7 shows a binned scatterplot of the log expected reservation wage

ratio by unemployment duration and wage residual quartile on the lost job after controlling

for individual fixed effects.

The smaller impact of worker rents on expected declines in the reservation wage than

on realized declines is driven by workers with the smallest rents on their previous job. We

compare how worker rents affect realized declines in the reservation wage (in Table 6, column

3) with how they affect expected declines in the reservation wage (in Table 7, column 3).

The realized reductions in reservation wages among workers with wage residuals in the top

three quartiles are largely congruent with expected declines in the reservation wage. For

example, workers in the fourth wage residual quartile expect their reservation wage ratios to

decline by 0.44 percent per week (-0.264-0.180) and their realized reservation wage ratios fall

by about 0.39 percent per week (0.103-0.493). Workers in the first wage residual quartile,

however, expect reductions in their reservation wage ratios of 0.26 percent per week, but

their reservation wage ratios actually increase during the unemployment spell by 0.1 percent

per week.

8 Reservation Wages and Worker Outcomes

We find that reservation wages reported at the entry survey help predict re-employment

wages, even controlling for wages on the lost job, as shown in Table 8. Our follow-up

surveys elicit wages at the new job if respondents become re-employed. We follow about

400 workers through to new employment. We estimate equation (4) with the natural log of
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re-employment wage as the outcome variable. Column 1 of Table 8 suggests that the reported

reservation wage at the entry survey is correlated with the re-employment wage: a 1 percent

increase in the reservation wage implies a 0.78 percent increase in the re-employment wage.

Column 2 suggests that this effect persists even if we control for the previous wage, which

should control for worker ability. In fact, the previous wage is not significantly correlated

with the re-employment wage if we control for the reservation wage and the reservation

wage is a much more powerful predictor of the re-employment wage than the wage on the

lost job.10 Column 3 suggests that the number of weeks spent unemployed before the new

job is not correlated with the re-employment wage once we condition for the reservation

wage, consistent with the canonical model. Column 4 suggests that the reservation wage

continues to be a significant predictor of the re-employment wage even if we control for other

observables, such as education, race and ethnicity, and gender.

These results confirm the value of eliciting data on individual reservation wages to

understand worker outcomes. In results not shown, we find no evidence that expectations

about future reservation wages help predict re-employment wages if we control for the

reservation wage at the entry survey and the previous wage. Also, we find little evidence

that reservation wages, or expectations about them, help predict employment outcomes in

our sample, as shown in Table A8.11 These results are consistent with our findings that

dynamic selection does not seem important for studying reservation wages and reservation

wage expectations over the unemployment spell, as discussed in section 6.3. Our findings are

also consistent with Koenig et al. (2023), who study employment and wage outcomes in the

UK and Germany using fixed-effects specifications, and conclude that ‘‘reservation wage data,

though undoubtedly noisy, embody meaningful information about job search behaviour. . . ’’

9 Conclusion

We use survey data from Davis and Krolikowski (2024) to document several new facts about

reservation wages and to test the implications of a canonical job search model. Our survey

was in the field in 2018-2019 when UI benefit durations were normal (6 months). During

this period, we find that reservation wages fell with unemployment duration, by about 0.3

percent per week. In contrast, Krueger and Mueller (2016) find that reservation wages moved

little with unemployment duration for workers in New Jersey in 2009-2010 when UI benefit

duration was a maximum of 99 weeks. Our results are quantitatively consistent with the

implications of a standard job search model and suggest that shorter durations of UI benefits

10These results provide prima facie evidence that a specification with earnings losses as the dependent
variable would be misspecified because column 2 suggests that the coefficient on the previous wage is
significantly less than one.

11Koenig et al. (2023) note that the effect of reservation wages on employment is likely upwardly biased
because more able workers likely have higher reservation wages and are more likely to become employed.
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hasten declines in reservation wages. Nevertheless, workers in our survey set their initial

reservation wages higher, and adjust them slower, relative to model implications, as in the

KM survey.

Our survey also collects novel information on respondents’ expectations about how their

reservation wage will evolve over the unemployment spell. We find that mean expected

declines in reservation wages over the unemployment spell are largely congruent with mean

realized declines in reservation wages among workers in our survey. We find that dynamic

selection is unlikely to be important for these results.

We show that worker rents on the previous job reduce initial reservation wages and

hasten their decline over the unemployment spell. For example, union coverage on the lost

job substantially reduces initial reservation wages. And a one-standard-deviation increase in

the log wage residual on the last job almost doubles the pace of declines in the reservation

wage over the unemployment spell. This effect is driven by workers with high wage residuals.

Finally, initial reservation wages help predict re-employment wages, even controlling

for wages on the lost job. These results confirm the value of eliciting data on individual

reservation wages to understand the outcomes of unemployed workers.

In future work, we plan to explore the importance of learning in determining reservation

wages over the unemployment spell, similar to Conlon et al. (2021) for employed workers. Our

survey is well designed to study reservation wage dynamics because it provides longitudinal

observations on workers throughout their unemployment spell and into new employment.

Moreover, our survey asks respondents about their preferences over job characteristics and

their received wage offers, which informs how workers value amenities (as in Bagga et al.,

2024) and labor market opportunities.
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Table 1: Calibrated model parameters

(1) (2) (3)
Parameter DK Reason KM

value value
Panel A. Externally calibrated parameters in DK

UI benefit duration (T + 1) 7 Actual UI benefit duration 24
Discount rate (β) 0.996 5% annual interest rate 0.996
Coefficient of relative risk aversion (γ) 2 Same as KM 2
Exogenous probability of job destruction (δ) 0.02 Same as KM 0.02
Mean of the wage offer distribution (µw) 1 Normalization 1
Standard deviation of the wage offer distribution (σw) 0.24 Same as KM 0.24
# of months to qualify for UI benefits (m̄) 6 Same as KM 6
Consumption while unemployed before benefits expire 0.7637 Same as KM 0.7637
Drop in consumption at UI exhaustion 0.313 Same as KM 0.313

Panel B. Internally calibrated parameters in DK
Job offer arrival rate for the unemployed (λ) 0.36 Mean unemployment duration 0.3
Job offer arrival rate for the employed (λe) 0.105 Mean EE rates 0.1

Note: Calibrated parameters of the model are at monthly frequency. Mean EE rates from Fujita et al. (2020). ‘‘DK’’ stands for Davis and Krolikowski.
‘‘KM’’’ stands for Krueger and Mueller (2016). See section 3.3.
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Table 2: The entry survey analysis sample: Percentage distributions and comparison to the
Current Population Survey and to the KM survey

(1) (2) (3) (4)
Unweighted Weighted CPS KM

Previous employment data
Previous industry (percent)
Leisure and hospitality 6.6 7.8 12.5
Finance, insurance, real estate 11.2 10.3 4.4
Construction 4.0 5.4 14.1
Education and health care services 19.6 16.2 17.5
Information and other services 10.4 9.8 5.9
Manufacturing 12.2 14.0 8.6
Mining 0.4 0.5 0.6
Prof., technical, business services 14.2 11.2 13.5
Retail and wholesale trade 11.1 13.0 11.2
Transp., warehousing, utilities 5.1 6.4 5.8
Government or military 1.1 1.4 2.4
Agriculture, forestry, fishing 1.0 1.1 3.7
Data missing 3.1 3.0 0.0

Demographic data (percent of total)
Female 54.2 46.0 43.1 51.9
Age in years
18-24 4.5 5.8 18.1 6.6
25-34 23.6 25.4 24.1 22.8
35-44 23.4 25.4 19.1 22.0
45-54 24.0 22.1 17.4 26.4
55-64 21.2 18.2 14.3 21.2
65 or older 3.4 3.1 6.9

Race/Ethnicity
White, non-Hispanic 65.9 64.1 51.3 69.3
White, Hispanic 4.6 4.8 21.0 9.2
Black 15.3 17.2 20.1 15.8
Asian 3.8 2.7 2.9 5.1
Other 3.8 4.2 4.6 0.6
Data missing 6.5 7.0 0.0 11.9

Education
High school grad. 10.7 17.6 35.4 18.2
Technical training/some college 24.2 37.6 21.4 32.5
Associate’s/bachelor’s degree 45.0 33.5 19.3 27.3
Grad. degree or higher 19.4 10.2 7.1 19.1

Avg. unemployment duration (weeks) 5.6 5.6 2.5 47.0
No. of observations 2,070 2,070 3,820 4,444

Note: Column 1 reports raw percentages, and Column 2 reports percentages after reweighting the sample to match the CPS
distribution of job losers with ongoing unemployment spell durations of less than five weeks for the cross product of two age
groups (less than 45 years, or not), two education groups (four-year college degree, or not), and sex. Appendix B.3 explains how
we construct the weights. Column 3 reports the corresponding US percentages in the CPS for the period from June 2018 to
February 2019, which spans our entry survey period plus three months on either side. Column 4 reports corresponding
percentages from the sample in the first wave of the KM survey. Percentages are missing when the KM survey does not include
comparable data. For example, the KM survey does not include industry information. (See Table A1 for occupational
distributions in our survey, the CPS, and the KM data.) The KM data do not include an indicator for race being ‘‘white.’’ For
this table, we assume that a person is white if they are not Black, Asian, American Indian, or Pacific Islander. This assumption
likely overstates the fraction of white individuals in the KM survey. Also, the KM survey does not include more than one race
per person, whereas our data and the CPS categorize multi-racial individuals as ‘‘Other.’’ This difference likely explains why the
‘‘Other’’ race category is lower in column 4 than in columns 1 to 3. Education categories sum to less than 100 because not all
categories are listed. See section 4.1.
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Table 3: How the reservation wage ratio during the entry survey varies with observables

Reservation wage question: ‘‘Suppose someone offered you a job today that is suitable in
terms of hours, skills, responsibilities and non-wage benefits. What is the lowest wage or
salary, before taxes and deductions, you would accept? Please include in this amount any
bonuses, overtime pay, tips or commissions that you would expect.”

Dependent variable = 100× ln (reservation wageit/previous wagei)

(1) (2)
Individual characteristics
Female 1.55 1.38

(1.61) (1.61)
White, Hispanic 3.90 3.89

(3.51) (3.51)
Black 5.55** 5.91***

(2.29) (2.29)
Experience -0.16 -0.18

(0.31) (0.31)
Experience2 0.00 0.00

(0.01) (0.01)
Tenure on the lost job
6mos to 2yrs -1.98 -2.12

(2.23) (2.23)
2yrs to 5yrs -2.65 -2.77

(2.41) (2.41)
More than 5yrs -9.23*** -9.39***

(2.40) (2.40)
Other variables
Paid hourly (Yes=1) -1.52 -1.43

(2.25) (2.25)
Weeks unemployed -0.24* -0.25*

(0.14) (0.14)
Rent variables
Union job (Yes=1) -8.46**

(3.43)

Dummies for ind. and occ. x x
Reserv. wage unit dummies x x
Other controls x x

Mean of dependent variable -4.029 -4.029
Std. dev. of dep. var. 33.119 33.119

R2 0.074 0.077
Observations 1,964 1,964
Individuals 1,964 1,964

Note: Estimated using the entry survey sample. Column 1 regresses the reservation wage ratio on
observables. Column 2 estimates the same specification on the sample as in column 1 but includes an
indicator for union coverage on the previous job. The models include the race/ethnicity and education
indicators in Table 2, but we do not show the statistically insignificant ones. The omitted category is a
non-Hispanic white man who has at most a high school diploma and who had less than six months of job
tenure at layoff. Industry and occupation indicators refer to the lost job. (*** p<0.01, ** p<0.05, * p<0.1)
Section 5.1 discusses column 1 and section 7.1 discusses column 2.
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Table 4: Reservation wage ratios and unemployment duration: Comparison with Krueger
and Mueller and the model

Reservation wage question: ‘‘Suppose someone offered you a job today that is suitable in
terms of hours, skills, responsibilities and non-wage benefits. What is the lowest wage or
salary, before taxes and deductions, you would accept? Please include in this amount any
bonuses, overtime pay, tips or commissions that you would expect.”

Dependent variable = 100× ln (reservation wageit/previous wagei)

Davis and Krolikowski (DK) Krueger and Mueller (KM)
(1) (2) (3) (4)

Pooled Longitudinal Pooled Longitudinal
cross-section sample cross-section sample

Weeks unemployed -0.258** -0.279*** -0.125*** -0.056
(0.107) (0.055) (0.043) (0.056)

Individual fixed effects x x
Reserv. wage unit dummies x x x x
Other controls x x

Mean of dependent variable -5.067 -5.950 -11 -10
Std. dev. of dep. var. 33.133 30.394

R2 0.074 0.877 0.52 0.964
Observations 3,330 2,150 22,701 23,396
Individuals 2,024 844 4,606 3,528

Weeks unemployed (model) -0.685 -0.685 -0.202 -0.202

Note: The reservation wage ratio is defined as the reported reservation wage divided by the wage on the
previous job. The table refers to sample data, except for the last row, which we describe below. Columns 1
and 2 use our sample. Column 3 is copied from Krueger and Mueller (2016), Table 3A, column 2. We copy
the results, and cannot replicate them, because the disclosed KM data do not include the previous wage.
Column 4 is our replication of Krueger and Mueller (2016), Table 3A, column 3, except we copy over the
mean of the dependent variable. We can replicate the coefficient in column 4 because the previous wage is a
constant for each individual and so does not affect the estimation results when we include individual fixed
effects in that specification. In columns 2 and 4, we drop singletons, whereas Krueger and Mueller (2016) do
not; so the number of observations in column 4 does not match the number in Krueger and Mueller (2016),
Table 3A, column 3. Krueger and Mueller (2016), Table 3A does not report the standard deviation of the
dependent variable so we omit that statistic from those columns. The last row reports the slope coefficient
from a linear regression using model data for the DK and KM calibrations (discussed in section 3.3) and
weighted by the unemployment durations in the respective samples. The DK coefficient here does not match
the weighted mean decline in Figure 1b, column 3 because here we estimate an intercept. (*** p<0.01, **
p<0.05, * p<0.1). See section 5.2.
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Table 5: Expected reservation wage ratios, unemployment duration, and dynamic selection

Expected reservation wage questions: 1.) ‘‘If you don’t find suitable work in the next h
months, would that change your mind about the lowest wage or salary you would accept?’’ in
which h ∈ {1, 2, 3, 6}; and if yes, 2) ‘‘In that case, how much would you increase or decrease
your lowest acceptable wage or salary?’’

Dependent variable = 100× ln (expected reservation wageit/previous wagei)

(1) (2) (3)
Pooled Fixed Fixed-effect spec.
cross- effects in column 2 using
section sample with at least two

reservation wage ratio obs.
Weeks unemployed -0.231*** -0.344*** -0.402***

(0.053) (0.017) (0.025)

Individual fixed effects x x
Reserv. wage unit dummies x x x
Other controls x

Mean of dependent variable -6.163 -6.163 -7.550
Std. dev. of dep. var. 34.810 34.810 29.118

R2 0.080 0.966 0.965
Observations 3,990 3,990 1,644
Individuals 1,995 1,995 822

Note: Expected reservation wages at all horizons (h) are measured during the entry survey. The expected
reservation wage at horizon h = 0 is equal to the reported reservation wage during the entry survey. So each
individual has two expected reservation wage ratio observations: one from the entry survey and one from the
hypothetical horizon. Unemployment duration is the unemployment duration at the time of the entry survey
and the unemployment duration at the time of the entry survey plus the hypothetical horizon, which is
randomized across individuals. For respondents who answer ‘‘no’’ to the question ‘‘If you don’t find suitable
work in the next h months, would that change your mind about the lowest wage or salary you would
accept?,’’ we assume that their reservation wage remains unchanged at horizon h. Column 3 estimates the
same specification as in column 2, but restricts the sample to the longitudinal sample that has at least two
reservation wage observations in Table A3, column 2. (*** p<0.01, ** p<0.05, * p<0.1). See section 6.2.
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Table 6: Reservation wage ratios, unemployment duration, and wage residuals

Reservation wage question: ‘‘Suppose someone offered you a job today that is suitable in
terms of hours, skills, responsibilities and non-wage benefits. What is the lowest wage or
salary, before taxes and deductions, you would accept? Please include in this amount any
bonuses, overtime pay, tips or commissions that you would expect.”

Dependent variable = 100× ln (reservation wageit/previous wagei)

(1) (2) (3)
Without With linear With wage

wage residual wage residual residual quartile
interactions interaction interactions

Weeks unemployed -0.279*** -0.258*** 0.103
(0.055) (0.058) (0.135)

Weeks unemployed × wage residual -0.356**
(0.150)

Weeks unemployed × Q2 -0.466***
(0.176)

Weeks unemployed × Q3 -0.505***
(0.169)

Weeks unemployed × Q4 -0.493***
(0.161)

Individual fixed effects x x x
Reserv. wage unit dummies x x x
Other controls

Mean of dependent variable -5.950 -5.950 -5.950
Std. dev. of dep. var. 30.394 30.394 30.394

R2 0.877 0.878 0.879
Observations 2,150 2,150 2,150
Individuals 844 844 844

Note: For comparison, column 1 reproduces our results from Table 4, column 2, in which we estimate a
specification with individual fixed effects. Column 2 estimates the same specification on the same sample but
includes an interaction between unemployment duration and an individual’s wage residual from their
previous job. Column 3 estimates the same specification as in column 1 on the same sample but includes
interactions between unemployment duration and indicators for quartiles of the wage residual distribution.
We omit the interaction with the first quartile indicator in this specification. ‘‘Q2’’ denotes the indicator for
the second wage residual quartile, and so on. Wage residuals are from a Mincerian wage equation. Standard
errors in columns 2 and 3 are computed by bootstrapping the Mincerian wage estimation and the
second-stage estimation with 1,000 replications. (*** p<0.01, ** p<0.05, * p<0.1) See section 7.2.
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Table 7: Expected reservation wage ratios, unemployment duration, and wage residuals

Expected reservation wage questions: 1.) ‘‘If you don’t find suitable work in the next h
months, would that change your mind about the lowest wage or salary you would accept?’’ in
which h ∈ {1, 2, 3, 6}; and if yes, 2) ‘‘In that case, how much would you increase or decrease
your lowest acceptable wage or salary?’’

Dependent variable = 100× ln (expected reservation wageit/previous wagei)

(1) (2) (3)
Without With linear With wage

wage residual wage residual residual quartile
interactions interaction interactions

Weeks unemployed -0.344*** -0.345*** -0.264***
(0.017) (0.022) (0.040)

Weeks unemployed × wage residual -0.125**
(0.050)

Weeks unemployed × Q2 -0.085
(0.053)

Weeks unemployed × Q3 -0.057
(0.053)

Weeks unemployed × Q4 -0.180***
(0.056)

Individual fixed effects x x x
Reserv. wage unit dummies x x x
Other controls

Mean of dependent variable -6.163 -6.163 -6.163
Std. dev. of dep. var. 34.810 34.810 34.810

R2 0.966 0.966 0.966
Observations 3,990 3,990 3,990
Individuals 1,995 1,995 1,995

Note: For comparison, column 1 reproduces our results from Table 5, column 2, in which we estimate a
specification with individual fixed effects. Column 2 estimates the same specification on the same sample but
includes an interaction between unemployment duration and an individual’s wage residual from their
previous job. Column 3 estimates the same specification as in column 1 on the same sample but includes
interactions between unemployment duration and indicators for quartiles of the wage residual distribution.
We omit the interaction with the first quartile indicator in this specification. ‘‘Q2’’ denotes the indicator for
the second wage residual quartile, and so on. Wage residuals are from a Mincerian wage equation. Standard
errors in columns 2 and 3 are computed by bootstrapping the Mincerian wage estimation and the
second-stage estimation with 1,000 replications. (*** p<0.01, ** p<0.05, * p<0.1) See section 7.3.
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Table 8: Re-employment wages and reservation wages

Dependent variable = ln (re-employment wageit)

(1) (2) (3) (4)
ln(res. wage at entry survey) 0.778*** 0.716*** 0.717*** 0.628***

(0.048) (0.103) (0.103) (0.104)
ln(previous wage) 0.066 0.064 0.127

(0.106) (0.105) (0.104)
Weeks unemployed 0.001 0.002

(0.001) (0.001)

Individual fixed effects
Dummies for ind. and occ. x
Reserv. wage unit dummies x x x x
Other controls x

Mean of dependent variable 3.200 3.200 3.200 3.200
Std. dev. of dep. var. 0.629 0.629 0.629 0.629

R2 0.505 0.506 0.507 0.583
Observations 395 395 395 395
Individuals 395 395 395 395

Note: Sample restricted to workers who were first observed employed for an employer during the first or
second follow-up survey and were not recalled to their previous employer. The lagged reservation wage is
taken from the previous survey. Weeks unemployed refers to the number of weeks between the last day of
work at the job before the entry survey and the start of the current job. Industry and occupation indicators
refer to the lost job. (*** p<0.01, ** p<0.05, * p<0.1) See section 8.
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Figure 1: Reservation wage ratios in the model

(a) Reservation wage ratios under different calibrations
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(b) Mean decline and curvature statistics for reservation wage ratios

Mean decline (% per week) Average curvature (1/months)
Unweighted Weighted Unweighted Weighted
(1) (2) (3) (4) (5) (6) (7) (8)
[0, 6] [0, 23] [0, 6] [0, 23] [0, 6] [0, 23] [0, 6] [0, 23]

KM (t ≤ 23) -0.02 -0.23 -0.02 -0.03 -0.0002 -0.0014 -0.0003 -0.0003
DK (t ≤ 6) -0.58 -0.51 -0.004 -0.0033

Note: Exhibit 1a depicts the reservation wage ratio in the model calibrated to conditions during our survey
(DK) and those during the KM survey (see columns 1 and 3 of Table 1, respectively). T denotes UI benefit
duration, λ (λe) denotes job offer arrival rates while unemployed (employed), and t denotes unemployment
duration in months. Vertical dashed lines denote UI benefit duration. The line denoted ‘‘KM’’ replicates
Figure 1 in Krueger and Mueller (2016). Exhibit 1b shows unweighted and weighted mean declines and
average curvatures under the DK and KM calibrations over two unemployment durations (0 to 6 months
and 0 to 23 months). We define the average curvature as the mean of the curvature at each point. See
footnote 3 for the definition of curvature. ‘‘Unweighted’’ statistics use a uniform distribution over
unemployment duration. ‘‘Weighted’’ statistics use the distribution of unemployment duration from our
sample in section 5, shown in Figure 3. For columns [0, 6], we truncate that distribution at 6 months and
re-weight the result so that the new distribution sums to one. We omit the statistics for our calibration for
months [0, 23] because after month 6, the reservation wage is flat with T = 6. See section 3.4.
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Figure 2: Comparative statics with respect to UI benefit duration and job offer arrival rates

(a) The reservation wage ratio in KM

5 10 15 20 25
Unemployment duration (months)

0.55

0.6

0.65

0.7

0.75

0.8

0.85

R
es

er
va

tio
n 

w
ag

e 
ra

tio

(b) The reservation wage ratio and UI benefit
durations
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(c) The reservation wage ratio and job offer
arrival rates
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(d) The reservation wage ratio: UI benefit
durations and job offer arrival rates
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Note: The reservation wage ratio in the model and comparative statics with respect to UI benefit duration (T ) and job offer arrival rates on (λe) and off (λ) the job. Vertical dashed
lines denote UI benefit duration. Figure 2a is based on the KM calibration in Table 1, column 3, and replicates Figure 1 in Krueger and Mueller (2016). This figure is copied onto each
panel for reference. Figure 2b reduces unemployment duration from 23 months in the KM calibration to 6 months. Figure 2c doubles the job offer arrival rates for unemployed and
employed workers from the KM calibration. Figure 2d combines the changes in Figures 2b and 2b. Mean and curvature statistics are computed over unemployment durations that are
less than T . We define the average curvature as the mean of the curvature at each point. See footnote 3 for the definition of curvature. ‘‘Unweighted’’ statistics use a uniform
distribution over unemployment duration. ‘‘Weighted’’ statistics use the distribution of unemployment duration from our sample in section 5, shown in Figure 3. See section 3.4.
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Figure 3: Unemployment duration distribution in the KM sample and our (DK) sample

Note: KM sample uses the weights for the current interview week. DK sample is unweighted. See section 4.2. Bar width is one week.
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Appendix Materials

A Model Appendix

A.1 The Value of Unemployment

We show that equation (1) is identical to equation (1) in KM:

U (t) = u (b (t)) + β

{
(1− λ)U (t− 1) + λ

∫
max {W (x,m = 0) , U (t− 1)} dF (x)

}
U (t) = u (b (t)) + β

{
U (t− 1)− λU (t− 1) + λ

∫
x<R

U (t− 1) dF (x) + λ

∫
x≥R

W (x,m = 0) dF (x)

}
U (t) = u (b (t)) + β

{
U (t− 1)− λU (t− 1) + λU (t− 1)F (R) + λ

∫
x≥R

W (x,m = 0) dF (x)

}
U (t) = u (b (t)) + β

{
U (t− 1) + λ

∫
R

(W (x,m = 0)− U (t− 1)) dF (x)

}
,

in which R (t) is the reservation wage with t periods of unemployment benefits left.

A.2 Calibration Details

We discuss monthly parameters of our baseline calibration that are the same as in KM. We
set the discount factor, β, to 0.996 to target an annual discount rate of about 5 percent. We
assume the utility function

u (c) =
c1−γ

1− γ
, (A5)

with constant relative risk aversion equal to γ = 2. Before benefit exhaustion we set b = 0.7637
and fix the drop in consumption at UI exhaustion to 31.3 percent. The latter is informed by
estimates in Blundell et al. (1993), Gruber (1997), and Low et al. (2010), as discussed in KM.

A.3 Comparative Statics with Job Offer Arrival Rates

Increasing the job offer arrival rate for unemployed workers has different effects on the
reservation wage ratio than increasing the job offer arrival rate for employed workers, as
shown in Figure A3. Doubling the job offer arrival rate for unemployed workers makes
workers more picky, as shown in Figure A3b. A higher off-the-job arrival rate means that
benefit exhaustion is less likely and agents raise their reservation wages. The (unweighted)
mean decline in the reservation wage ratio falls to 0.16 percent per week. Doubling the job
offer arrival rate for employed workers makes workers less picky, as shown in Figure A3c.
With a higher job offer arrival on the job, workers lower their reservation wages so that they
can get on the job ladder sooner. The (unweighted) mean decline in the reservation wage
ratio rises to 0.33 percent per week. Figure A3d shows the reservation wage ratio when we
double both the off- and on-the-job arrival rates and replicates Figure 2c.

B Survey Appendix

We describe the details of our survey, which borrows from Davis and Krolikowski (2024).



38 DAVIS AND KROLIKOWSKI: Reservation Wages Revisited

B.1 Survey Details

Our sample frame covers persons who began collecting UI benefits in Illinois from September
10 to November 24 in 2018, excluding about one-in-ten benefit recipients with no email
address on file at the Illinois Department of Employment Security (IDES). All persons in
the sample frame received an email invitation to participate in our online entry survey,
typically one business day after their first UI benefit payment. If the respondent completed
the entry survey (and permitted further contact), we sent invitations to take part in one or
two follow-up surveys.

IDES encourages job losers to file an initial claim for UI benefits in the calendar week after
job loss (IDES, 2017). The first full week of unemployment is not eligible for benefits. The
second full week is eligible, provided the individual’s claim is certified. Certified claimants
receive benefit payments the week after each benefits-eligible week. Thus, invitations to our
entry survey typically arrive 18 to 28 days after job loss, although it can be longer due to
delays in claims processing. Respondents received a $10 Amazon gift card for taking the
survey, except during the first week of entry survey invitations (September 10 to 14), during
which they received a $5 Amazon gift card.

Our entry survey asks about demographic characteristics, the lost job, willingness to
accept pay cuts in lieu of layoff, whether there were discussions about compensation cuts in
lieu of layoff, the reasons for employer reluctance to offer such deals, desired attributes in a
new job, reservation wages, and more.

Invitations for the first follow-up survey went to field 2, 4, 8, and 12 weeks (randomized)
after completing the entry survey, and invitations for the second went to field 4, 8, 12
and 16 weeks after completing the first follow-up. Respondents received a $5 Amazon gift
card for participating in the first follow-up and $10 for the second. We tailor the follow-up
questionnaires based on whether the respondent returned to their prior job, took a new job,
was self employed, or still without work. Depending on employment status, the follow-ups
probe job search activity, reservation wages, attributes of the current job, compensation on
the current job, and more.

The mean completion time for the entry survey is 9 minutes, and the median is 8 minutes.
The mean (median) completion time for the follow-up surveys is 4 (3) minutes. These short
completion times reflect our efforts to design short, highly focused survey instruments to
encourage higher response rates and accurate responses.

B.2 Data Cleaning and Sample Selection

We recode reported earnings, reservation wages, and expected reservation wages in two ways.
First, if an individual reports making more than $15,000 per hour, we recode their response
to be at an annual frequency. This recode affected 37 gross pay observations. Second, if an
individual reports hourly earnings of $300 or more, but less than $15,000, we consider their
response to be in cents and divided it by 100. This recode affected 78 gross pay observations.

We also recode some expected reservation wage observations if the respondent appeared
to misinterpret the question. If the reported expected decline in the reservation wage was
more than 100 log points, we interpret the response as the new reservation wage, rather than
the expected decline in the reservation wage; 100 log points is at about the 5th percentile of
the distribution of expected reservation wage changes. This recode affected 177 expected
reservation wage observations. As an example, an individual responds that their current
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reservation wage is $100,000 annually during the entry survey. They report that if they don’t
find work in the next month, they would adjust their reservation wage. When asked ‘‘How
much would you increase or decrease your lowest acceptable wage or salary,’’ they respond
that they would decrease their reservation wage by $90,000 annually. In this case, we assume
that $90,000 annually is their expected reservation wage rather than the change in their
reservation wage. We make the same assumption when reservation wages are expected to
rise by over 100 log points. This recode affected 2 expected reservation wage observations.

We trim observations of hourly gross pay, reservation wages, and expected reservation
wages below $2 or above $200. Sometimes we winsorize changes in gross pay and reservation
wage ratios below the 1st and above the 99th percentile. When we apply this winsorization
we make note of it in the main text. We also trim reservation wage ratios that were above
three and below one-sixth. KM trim observations with reservation wage ratios greater than
three or less than one-third, as in Feldstein and Poterba (1984). After careful inspection of
our data, we decided that a lower cutoff of one-sixth is more appropriate. To be consistent
with KM, we set to missing reservation wages for those who are employed but still looking
for other work.

We construct unemployment duration by taking the difference between the survey
completion date and the worker’s reported last day at their previous job. We top code
unemployment durations that are greater than 30 weeks during the entry survey because job
losers must file a claim within 6 months (26 weeks) of job loss and we allow up to 4 weeks
for an individual to receive our entry survey.12 Unemployment duration is set to missing for
employed workers. We did not ask about labor force status during the entry survey because
we were worried that workers, who recently received a UI benefit payment, may not respond
truthfully and that such a question would jeopardize truthful responses to the rest of our
survey instrument. Therefore, we assumed that all workers are unemployed during the entry
survey.

We restrict the sample to those who have less than or equal to 38 weeks of unemployment.
This restriction is based on the timing of our survey invitations. In particular, we anticipate
that individuals should complete the entry survey no more than 6 weeks after job loss.
The longest follow-up periods for the 1st and 2nd follow-up surveys are 12 and 16 weeks,
respectively. Allowing for 2 weeks to fill out the follow-up surveys yields our 38-week
restriction.

We calculate potential experience using a person’s age less their years of schooling, derived
from their highest level of completed education. We collected individual’s ages in brackets
(18 to 24, 25 to 34, . . . , 65 or older) so we impute a respondent’s age to the middle of each
age bracket.

Several of our questions offered the option to write in a response, such as the individual’s
industry and occupation and reason for layoff. We hand coded some of these observations
to our list of displayed choices and sometimes we created new categories of responses if
sufficiently many individuals responded in a similar way. For example, many individuals
reported maintenance work and repair at their previous employer as the reason for their
temporary layoff. Because this was not one of our original options, we created a new category.

We calculate hourly reservation wages using hours information from the previous job,
unless the response is in hourly wages. When we ask about reservation wages, we do

12Workers with longer unemployment spells typically do not take many days or weeks to respond to our
entry survey but rather have job loss dates that were a long time ago.
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not elicit expected hours on that job. Instead, we assume that hours on the previous job
capture the intended hours on the new job. This assumption implies that we understate
the reductions in hourly reservation wages over the unemployment spell if workers also
reduce their expectations about how many hours they will work over the unemployment
spell. Krueger and Mueller (2016) study weekly reservation wages, although their results are
similar with hourly reservation wages.

The percent of workers represented by unions is similar in the KM and DK samples:
about 18 percent in NJ in 2010 and about 15 percent in IL in 2019 (BLS, 2023).

B.3 CPS Weights

Because we lack access to administrative UI records, we cannot re-weight to match Illinois
UI benefit claimants. Instead, we use CPS data from June 2018 to February 2019, which
were the months when our entry survey was fielded with three additional months on each
end. We use these data to compute national CPS shares in six bins defined by: young (less
than 45 years old) and old (no less than 45 years old), less (no bacherlor’s degree) and more
educated (bacherlor’s degree or graduate degree), and male and female. We re-weight each
observation in our sample by the share of CPS individuals in each of these bins over the
share of our Entry-Survey respondents in each of these bins.

For individuals in our survey who did not reveal their education or age, we impute their
response. In particular, we use a multilogit regression with independent variables, including
gender, temporary layoff status, race, and dummies for previous occupation and industry,
to separately predict respondents’ age category and educational attainment. We impute a
respondent’s age and education based on which category is most likely given their observable
characteristics. None of our respondents have missing gender.

These weights are little changed if we use CPS individuals who are less than 5 weeks
unemployed and not new entrants, who are unlikely to be eligible for UI.

We present our main results using these weights in appendix C.5.

C Empirical Results Appendix

C.1 Individual Heterogeneity and Sample Selection

The difference in the estimated coefficients between columns 1 and 2 in Table 4 is a combi-
nation of a different sample and a different specification. We find imprecise evidence that
neither channel is important for our results, although we find that selection imposes an
upward bias on the estimated effect of spell duration on reservation wages in cross-sectional
data, as discussed in Krueger and Mueller (2016). Columns 1 and 2 of Table A3 repeat the
pooled cross-section and fixed-effects coefficients from Table 4. In column 3 we estimate the
pooled cross-section specification from column 1 on the longitudinal sample of individuals
who have at least two reservation wage ratio observations in column 2. So moving from
column 1 to column 3 changes only the sample and keeps the specification the same. And
moving from column 3 to column 2 changes only the specification and keeps the sample the
same.

The coefficient in Table A3, column 3 implies that the reservation wage ratio falls by
-0.22 percent per week. This point estimate suggests that the longitudinal sample has smaller
declines in the reservation wage ratio than the pooled cross-section sample. Nevertheless,
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the standard error in column 3 is large and we cannot reject the null hypothesis that this
coefficient is the same as the coefficient in column 1. The point estimate in column 2 is
more negative than the estimate in column 3, which suggests that accounting for individual,
time-invariant heterogeneity hastens the decline in the reservation wage ratio. This change
is consistent with the idea that job losers who have high (low) reservation wages relative
to their wage opportunities are more (less) likely to remain unemployed over time. But,
again, standard errors on the coefficient in column 3 are large and we cannot reject the null
hypothesis that the coefficients in columns 2 and 3 are the same.

C.2 Quadratic Specifications

Point estimates using our sample suggest that the reservation wage ratio is concave with
respect to unemployment duration—consistent with the canonical model—but the results are
noisy, as shown in Table A4. Column 1 repeats our baseline results from Table 4. Column 2
estimates equation (4), but includes linear and quadratic terms in weeks unemployed. The
point estimate is negative (-0.001), suggesting concavity, but we cannot reject the null that
it is zero. Moreover, estimating the same specification with the KM sample yields a positive
coefficient on the quadratic term.

C.3 Union Coverage, Industry Wage Premia, and Reservation Wage Ratios

Union coverage and industry wage premium on the lost job do not affect the trajectory of the
reservation wage ratio over the unemployment spell, as shown in Table A5. Column 1 repeats
our results from Table 6, column 3. Column 2 adds interactions between weeks unemployed
and union coverage on the lost job and industry wage premia. We interpret industry wage
differentials as a measure of rents based on Akerlof (1982), Bulow and Summers (1986), and
Krueger and Summers (1988), among others. To quantify industry-level worker rents, we
use the wage premiums for 18 industries that Stansbury and Summers (2020, Figure A8)
estimate from CPS micro data. Neither union coverage nor industry premium materially
changes the trajectory of the reservation wage over the unemployment spell. Column 2 has
fewer observations because previous industry is missing sometimes so that the industry wage
premium is missing.

C.4 Worker Rents and the Minimum Wage

Workers with previous wages close to the minimum wage do not drive our result that worker
rents hasten the decline of the reservation wage in section 7.2. Less than 5 percent of workers
in the first quartile of the wage residual distribution report a reservation wage that is less
than or equal to the Illinois minimum wage when our survey was in the field ($8.25/hr).
Moreover, our results are robust to excluding individuals who had previous wages lower than
$10/hr, as shown in Table A6.

C.5 Results with Weights

Our main results are similar when we use the CPS weights discussed in appendix B.3. Table
A9 shows that reservation wage ratios fall by about 0.3 percent per week in the pooled cross-
section and fixed-effects specifications when we use weights, although the former estimate is



42 DAVIS AND KROLIKOWSKI: Reservation Wages Revisited

noisier than in Table 4. Table A10 shows that expected declines in reservation wage ratios
are similar to the actual declines in reservation wage ratios, similar to findings in Table
5. Table A11 shows that higher wage residuals hasten the decline of the reservation wage
ratio over the unemployment spell and that this effect is driven by those with higher wage
residuals, similar to the results in Table 6. Finally, Table A12 shows that the reservation
wage reported during the entry survey is a more powerful predictor of the re-employment
wage than the wage on the last job, similar to the results in Table 8.
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Table A1: The entry survey analysis sample: Occupational distribution and comparison to the CPS and to the KM survey

(1) (2) (3) (4)
Unweighted Weighted CPS (US) KM

Armed forces 0.2 0.3 0.0 0.0
Construction and extraction occupations 2.0 3.4 13.1 2.2
Farming, fishing, and forestry occupations 0.3 0.5 3.2 0.0
Installation, maintenance and repair occupations 2.0 3.5 2.3 1.1
Management, business and financial occupations 25.3 21.3 8.6 31.0
Office and administrative support occupations 16.5 17.2 10.2 15.3
Production occupations 4.5 7.4 6.7 1.6
Professional and related occupations 20.1 14.8 15.6 20.3
Sales and related occupations 16.0 15.8 8.2 8.0
Service occupations 6.8 8.0 22.5 6.3
Transportation and material moving occupations 2.6 4.0 9.5 2.8
Data missing 3.7 3.8 0.0 11.4

No. of observations 2,070 2,070 3,820 4,444

Note: In our survey, occupation in the entry survey is captured with the question: ‘‘For the job that ended on [job loss date], what was your occupation?
That is, what kind of work did you do?’’ In the CPS, the occupation of the unemployed is based on the last job they held. In the KM survey, occupation is
captured with the question: ‘‘Please describe in a few words the type of work you are looking for,’’ and then mapped to occupation codes. See section 4.2.
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Table A2: How the reservation wage during the entry survey varies with observables

Reservation wage question: ‘‘Suppose someone offered you a job today that is suitable in
terms of hours, skills, responsibilities and non-wage benefits. What is the lowest wage or
salary, before taxes and deductions, you would accept? Please include in this amount any
bonuses, overtime pay, tips or commissions that you would expect.”

Dependent variable = ln (reservation wageit)

(1)
Ln (previous wage) 63.18***

(1.37)
Individual characteristics
Technical training/some college 2.71

(2.34)
Associate/bachelor’s degree 10.72***

(2.31)
Grad. degree or higher 18.80***

(2.78)
Female -2.44*

(1.38)
White, Hispanic 2.03

(2.99)
Black 1.52

(1.96)
Experience 0.80***

(0.27)
Experience2 -0.01**

(0.00)
Tenure on the lost job
6mos to 2yrs -1.16

(1.90)
2yrs to 5yrs -2.22

(2.05)
More than 5yrs -5.13**

(2.05)
Other variables
Paid hourly (Yes=1) 0.54

(1.92)
Weeks unemployed -0.17

(0.12)

Dummies for ind. and occ.
Reserv. wage unit dummies
Other controls

Mean of dependent variable
Std. dev. of dep. var.

R2 0.742
Observations 1,964
Individuals 1,964

Note: Estimated using the entry survey sample. Column 1 regresses the reservation wage on observables.
The models include the race/ethnicity and education indicators in Table 2, but we do not show the
statistically insignificant ones. The omitted category is a non-Hispanic white man who has at most a high
school diploma and who had less than six months of job tenure at layoff. Industry and occupation indicators
refer to the lost job. (*** p<0.01, ** p<0.05, * p<0.1) See section 5.1.
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Table A3: Reservation wages and unemployment duration: Sample selection vs. individual
heterogeneity

Reservation wage question: ‘‘Suppose someone offered you a job today that is suitable in
terms of hours, skills, responsibilities and non-wage benefits. What is the lowest wage or
salary, before taxes and deductions, you would accept? Please include in this amount any
bonuses, overtime pay, tips or commissions that you would expect.”

Dependent variable = 100× ln (reservation wageit/previous wagei)

(1) (2) (3)
Pooled Fixed Pooled cross-section
cross- effects specification in column 1
section using longitudinal sample

in column 2
Weeks unemployed -0.258** -0.279*** -0.218*

(0.107) (0.055) (0.121)

Individual fixed effects x
Reserv. wage unit dummies x x x
Other controls x x

Mean of dependent variable -5.067 -5.950 -5.950
Std. dev. of dep. var. 33.133 30.394 30.394

R2 0.074 0.877 0.099
Observations 3,330 2,150 2,150
Individuals 2,024 844 844

Note: For comparison, columns 1 and 2 reproduce our baseline results from Table 4. Column 3 estimates the
pooled cross-section specification without individual fixed effects in column 1 but using the longitudinal
sample in column 2. (*** p<0.01, ** p<0.05, * p<0.1). See appendix C.1.
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Table A4: Reservation wage ratios and unemployment duration: Linear and quadratic
specifications

Reservation wage question: ‘‘Suppose someone offered you a job today that is suitable in
terms of hours, skills, responsibilities and non-wage benefits. What is the lowest wage or
salary, before taxes and deductions, you would accept? Please include in this amount any
bonuses, overtime pay, tips or commissions that you would expect.”

Dependent variable = 100× ln (reservation wageit/previous wagei)

Davis and Krolikowski (DK) Krueger and Mueller (KM)
(1) (2) (3) (4)

Linear Quadratic Linear Quadratic
Weeks unemployed -0.279*** -0.257 -0.056 -0.171

(0.055) (0.163) (0.050) (0.120)
Weeks unemployed2 -0.001 0.001

(0.005) (0.001)

Individual fixed effects x x x x
Reserv. wage unit dummies x x x x
Other controls

Mean of dependent variable -5.950 -5.950 -10 -0.10
Std. dev. of dep. var. 30.394 30.394

R2 0.877 0.877 0.964 0.964
Observations 2,150 2,150 23,396 23,396
Individuals 844 844 3,528 3,528

Note: The reservation wage ratio is defined as the reported reservation wage divided by the wage on the
previous job. Column 1 repeats Table 4, column 2, and column 3 repeats Table 4, column 4 for reference.
(*** p<0.01, ** p<0.05, * p<0.1). See appendix C.2.
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Table A5: Reservation wage ratios, unemployment duration, and worker rents

Reservation wage question: ‘‘Suppose someone offered you a job today that is suitable in
terms of hours, skills, responsibilities and non-wage benefits. What is the lowest wage or
salary, before taxes and deductions, you would accept? Please include in this amount any
bonuses, overtime pay, tips or commissions that you would expect.”

Dependent variable = 100× ln (reservation wageit/previous wagei)

(1) (2)
Without union With union
and industry and industry
wage premium wage premium
interactions interactions

Weeks unemployed 0.103 -0.039
(0.135) (0.168)

Weeks unemployed × Q2 -0.466*** -0.394
(0.176) (0.242)

Weeks unemployed × Q3 -0.505*** -0.444**
(0.169) (0.225)

Weeks unemployed × Q4 -0.493*** -0.400*
(0.161) (0.224)

Weeks unemployed × Union job 0.109
(0.196)

Weeks unemployed × Ind. wage premium 0.017
(0.025)

Individual fixed effects x x
Reserv. wage unit dummies x x
Other controls

Mean of dependent variable -5.950 -6.502
Std. dev. of dep. var. 30.394 31.683

R2 0.879 0.880
Observations 2,150 1,629
Individuals 844 640

Note: For comparison, column 1 reproduces our results from Table 6, column 3. Column 2 estimates the
same specification but includes an interaction between unemployment duration and an indicator for whether
the lost job was covered by a union contract and the associated industry wage premium. The sample is
smaller in column 2 because previous industry is missing for some respondents so that the industry wage
premium is missing. Standard errors are computed by bootstrapping the Mincerian wage estimation and the
second-stage estimation with 1,000 replications. (*** p<0.01, ** p<0.05, * p<0.1) See appendix C.3.
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Table A6: Reservation wage ratios, unemployment duration, and worker rents

Reservation wage question: ‘‘Suppose someone offered you a job today that is suitable in
terms of hours, skills, responsibilities and non-wage benefits. What is the lowest wage or
salary, before taxes and deductions, you would accept? Please include in this amount any
bonuses, overtime pay, tips or commissions that you would expect.”

Dependent variable = 100× ln (reservation wageit/previous wagei)

(1) (2)
Baseline Previous wage

≥ $10/hr. on
lost job

Weeks unemployed 0.103 0.079
(0.135) (0.151)

Weeks unemployed × Q2 -0.466*** -0.435**
(0.176) (0.190)

Weeks unemployed × Q3 -0.505*** -0.476***
(0.169) (0.181)

Weeks unemployed × Q4 -0.493*** -0.467***
(0.161) (0.176)

Individual fixed effects x x
Reserv. wage unit dummies x x
Other controls

Mean of dependent variable -5.950 -8.739
Std. dev. of dep. var. 30.394 25.638

R2 0.879 0.834
Observations 2,150 2,058
Individuals 844 806

Note: For comparison, column 1 reproduces our results from Table 6, column 3. Column 2 estimates the
same specification but on a sample of workers whose previous wage was above $10 per hour. Standard errors
in columns 2 and 3 are computed by bootstrapping the Mincerian wage estimation and the second-stage
estimation with 1,000 replications. (*** p<0.01, ** p<0.05, * p<0.1) See appendix C.4.
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Table A7: How the expected reservation wage ratio during the entry survey varies with
observables

Expected reservation wage questions: 1.) ‘‘If you don’t find suitable work in the next h
months, would that change your mind about the lowest wage or salary you would accept?’’ in
which h ∈ {1, 2, 3, 6}; and if yes, 2) ‘‘In that case, how much would you increase or decrease
your lowest acceptable wage or salary?’’

Dependent variable = 100× ln (expected reservation wageit/previous wagei)

(1)
Individual characteristics
Female 1.65

(1.76)
White, Hispanic 6.61**

(3.10)
Black 10.55***

(2.96)
Experience -0.11

(0.34)
Experience2 0.00

(0.01)
Tenure on the lost job
6mos to 2yrs -1.36

(2.66)
2yrs to 5yrs -2.57

(2.77)
More than 5yrs -9.11***

(2.79)
Other variables
Paid hourly (Yes=1) -2.02

(2.86)
Weeks unemployed at horizon h -0.17*

(0.09)
Rent variables
Union job (Yes=1) -9.53**

(4.77)

Dummies for ind. and occ. x
Reserv. wage unit dummies x
Other controls x

Mean of dependent variable -8.930
Std. dev. of dep. var. 36.069

R2 0.090
Observations 1,884
Individuals 1,884

Note: This table estimates the same specification as in Table 5, column 2. Expected reservation wages at all
horizons (h) are measured during the entry survey. Unemployment duration is the unemployment duration
at the time of the entry survey plus the hypothetical horizon h (in months), which is randomized across
individuals with h ∈ {1, 2, 3, 6}. For respondents who answer ‘‘no’’ to the question ‘‘If you don’t find
suitable work in the next h months, would that change your mind about the lowest wage or salary you
would accept?,’’ we assume that their reservation wage remains unchanged at horizon h. The models include
the race/ethnicity and education indicators in Table 2, but we do not show the statistically insignificant
ones. The omitted category is a non-Hispanic white man who has at most a high school diploma and who
had less than six months of job tenure at layoff. We omit indicators for the horizon h from this specification
because they are highly correlated with weeks unemployed at horizon h. (*** p<0.01, ** p<0.05, * p<0.1)
See section 6.1.



51 DAVIS AND KROLIKOWSKI: Reservation Wages Revisited

Table A8: Re-employment and reservation wages

Dependent variable = Employmentit (Yes=1)

(1) (2) (3)
ln(res. wage at entry survey) -0.013 0.026 0.022

(0.026) (0.045) (0.047)
ln(previous wage) -0.039 -0.032

(0.038) (0.039)

Individual fixed effects
Dummies for ind. and occ. x
Reserv. wage unit dummies x x x
Other controls x

Mean of dependent variable 0.283 0.283 0.283
Std. dev. of dep. var. 0.451 0.451 0.451

R2 0.007 0.007 0.043
Observations 1,993 1,993 1,993
Individuals 1,118 1,118 1,118

Note: Employment status during the first and second follow-up surveys. Linear probability models. Sample
restricted to workers who were unemployed or employed for an employer (not self-employed) and not recalled.
Industry and occupation indicators refer to the lost job. (*** p<0.01, ** p<0.05, * p<0.1) See section 8.
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Table A9: Reservation wage ratios and unemployment duration: Comparison with Krueger
and Mueller and the model (weighted)

Reservation wage question: ‘‘Suppose someone offered you a job today that is suitable in
terms of hours, skills, responsibilities and non-wage benefits. What is the lowest wage or
salary, before taxes and deductions, you would accept? Please include in this amount any
bonuses, overtime pay, tips or commissions that you would expect.”

Dependent variable = 100× ln (reservation wageit/previous wagei)

(1) (2)
Pooled Longitudinal

cross section sample
Weeks unemployed -0.215 -0.272***

(0.135) (0.056)

Individual fixed effects x
Reserv. wage unit dummies x x
Other controls x

Mean of dependent variable -3.883 -4.039
Std. dev. of dep. var. 33.739 30.289

R2 0.078 0.882
Observations 3,330 2,150
Individuals 2,024 844

Note: The reservation wage ratio is defined as the reported reservation wage divided by the wage on the
previous job. Similar to Table 4 in the main text, but this table uses the CPS weights described in appendix
B.3. (*** p<0.01, ** p<0.05, * p<0.1). See appendix C.5.
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Table A10: Expected reservation wage ratios, unemployment duration, and dynamic selection
(weighted)

Expected reservation wage questions: 1.) ‘‘If you don’t find suitable work in the next h
months, would that change your mind about the lowest wage or salary you would accept?’’ in
which h ∈ {1, 2, 3, 6}; and if yes, 2) ‘‘In that case, how much would you increase or decrease
your lowest acceptable wage or salary?’’

Dependent variable = 100× ln (expected reservation wageit/previous wagei)

(1) (2)
Pooled Fixed
cross effects
section

Weeks unemployed -0.164*** -0.335***
(0.061) (0.022)

Individual fixed effects x
Reserv. wage unit dummies x x
Other controls x

Mean of dependent variable -5.323 -5.323
Std. dev. of dep. var. 35.942 35.942

R2 0.095 0.962
Observations 3,990 3,990
Individuals 1,995 1,995

Note: Expected reservation wages at all horizons (h) are measured during the entry survey. Similar to Table
5 in the main text, but this table uses the CPS weights described in appendix B.3. (*** p<0.01, ** p<0.05, *
p<0.1). See appendix C.5.
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Table A11: Reservation wage ratios, unemployment duration, and wage residuals (weighted)

Reservation wage question: ‘‘Suppose someone offered you a job today that is suitable in
terms of hours, skills, responsibilities and non-wage benefits. What is the lowest wage or
salary, before taxes and deductions, you would accept? Please include in this amount any
bonuses, overtime pay, tips or commissions that you would expect.”

Dependent variable = 100× ln (reservation wageit/previous wagei)

(1) (2) (3)
Without With linear With wage

wage residual wage residual residual quartile
interactions interaction interactions

Weeks unemployed -0.272*** -0.263*** 0.101
(0.056) (0.068) (0.120)

Weeks unemployed × wage residual -0.370**
(0.145)

Weeks unemployed × Q2 -0.411**
(0.171)

Weeks unemployed × Q3 -0.487***
(0.155)

Weeks unemployed × Q4 -0.532***
(0.157)

Individual fixed effects x x x
Reserv. wage unit dummies x x x
Other controls

Mean of dependent variable -4.039 -4.039 -4.039
Std. dev. of dep. var. 30.289 30.289 30.289

R2 0.882 0.883 0.883
Observations 2,150 2,150 2,150
Individuals 844 844 844

Note: For comparison, column 1 reproduces our results from Table A9, column 2, in which we estimate a
specification with individual fixed effects. Similar to Table 6 in the main text, but this table uses the CPS
weights described in appendix B.3. (*** p<0.01, ** p<0.05, * p<0.1) See appendix C.5.
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Table A12: Re-employment wages and reservation wages (weighted)

Dependent variable = ln (re-employment wageit)

(1) (2) (3) (4)
ln(res. wage at entry survey) 0.741*** 0.650*** 0.649*** 0.581***

(0.047) (0.137) (0.138) (0.128)
ln(previous wage) 0.097 0.097 0.156

(0.127) (0.127) (0.120)
Weeks unemployed 0.001 0.002*

(0.001) (0.001)

Individual fixed effects
Dummies for ind. and occ. x
Reserv. wage unit dummies x x x x
Other controls x

Mean of dependent variable 3.080 3.080 3.080 3.080
Std. dev. of dep. var. 0.626 0.626 0.626 0.626

R2 0.507 0.509 0.510 0.599
Observations 395 395 395 395
Individuals 395 395 395 395

Note: Similar to Table 8 in the main text, but this table uses the CPS weights described in appendix B.3.
(*** p<0.01, ** p<0.05, * p<0.1) See appendix C.5.
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Figure A1: Mean unemployment duration and employer-to-employer switching rates in the
CPS

Note: Mean unemployment duration is provided from the Bureau of Labor Statistics (BLS). Mean EE rates
are taken from Fujita et al. (2020). The former is seasonally adjusted by the BLS. The latter is seasonally
adjusted using X-13-ARIMA-SEATS. As of January 2011, the unemployment duration top code rose from
two years to five years. We subtract the difference between the December 2010 and January 2011
observations from all observations after December 2010 to create one series. Gray shading denotes NBER
recessions. Vertical dashed lines denote the periods when the KM and DK surveys were in the field. See
section 3.3.
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Figure A2: The natural logarithm of reservation wage ratios in the model

(a) Reservation wage ratios under different calibrations
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(b) Mean decline and curvature statistics for log reservation wage ratios

Mean decline (% per week) Average curvature (1/months)
Unweighted Weighted Unweighted Weighted
(1) (2) (3) (4) (5) (6) (7) (8)
[0, 6] [0, 23] [0, 6] [0, 23] [0, 6] [0, 23] [0, 6] [0, 23]

KM (t ≤ 23) -0.02 -0.23 -0.02 -0.03 -0.0002 -0.0014 -0.0003 -0.0003
DK (t ≤ 6) -0.58 -0.51 -0.004 -0.0033

Note: Exhibit A2a depicts 100 times the natural logarithm of the reservation wage ratio in the model
calibrated to conditions during our survey (DK) and those during the KM survey (see columns 1 and 3 of
Table 1, respectively). T denotes UI benefit duration, λ (λe) denotes job offer arrival rates while unemployed
(employed), and t denotes unemployment duration in months. Vertical dashed lines denote UI benefit
duration. Exhibit A2b shows unweighted and weighted mean declines and average curvatures under the DK
and KM calibrations over two unemployment durations (0 to 6 months and 0 to 23 months). ‘‘Unweighted’’
statistics use a uniform distribution over unemployment duration. ‘‘Weighted’’ statistics use the distribution
of unemployment duration from our sample in section 5, shown in Figure 3. We omit the statistics for our
calibration for months [0, 23] because after month 6, the reservation wage is flat with T = 6. See Figure 1 for
a figure with reservwation wage ratios. See section 3.4.
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Figure A3: Comparative statics with respect to job offer arrival rates when unemployed and employed

(a) The reservation wage ratio in KM
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(b) The reservation wage ratio and the
unemployed job offer arrival rate
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(c) The reservation wage ratio and the
employed job offer arrival rate
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(d) The reservation wage and both job offer
arrival rates
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Note: The reservation wage ratio in the model and comparative statics with respect to job offer arrival rates on (λe) and off (λ) the job. Vertical dashed lines denote UI benefit
duration. Figure A3a is based on the KM calibration in Table 1, column 3, and replicates Figure 1 in Krueger and Mueller (2016). This figure is copied onto each panel for reference.
Figure A3b doubles the off-the-job offer arrival rate from 0.3 in the KM calibration. Figure A3c doubles the on-the-job offer arrival rate from 0.1 in the KM calibration. Figure A3d
doubles both offer arrival rates and is the same as Figure 2c. Mean and curvature statistics computed over unemployment durations that are less than UI benefit duration (T ). We
define the average curvature as the mean of the curvature at each point. See footnote 3 for the definition of curvature. ‘‘Unweighted’’ statistics use a uniform distribution over
unemployment duration. ‘‘Weighted’’ statistics use the distribution of unemployment duration from our sample in section 5, shown in Figure 3. See section 3.4.
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Figure A4: Binned scatterplot of the ln(reservation wage ratio) by unemployment duration

Reservation wage question: ‘‘Suppose someone offered you a job today that is suitable in
terms of hours, skills, responsibilities and non-wage benefits. What is the lowest wage or
salary, before taxes and deductions, you would accept? Please include in this amount any
bonuses, overtime pay, tips or commissions that you would expect.’’
Reservation wage ratio = reservation wage/previous wage

Note: Binned scatterplot of the natural log of the reservation wage ratio by unemployment duration
measured at the entry survey, the first follow-up survey, and the second follow-up survey after controlling for
individual fixed effects (Starr and Goldfarb, 2020; Cattaneo et al., 2023). Horizontal axis denotes individuals’
unemployment duration at the time of their survey response. See section 5.1.
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Figure A5: Binned scatterplot of the ln(expected reservation wage ratio(h)) by unemployment
duration

Expected reservation wage questions: 1.) ‘‘If you don’t find suitable work in the next h
months, would that change your mind about the lowest wage or salary you would accept?,’’ in
which h ∈ {1, 2, 3, 6}; and if yes, 2) ‘‘In that case, how much would you increase or decrease
your lowest acceptable wage or salary?’’
Expected reservation wage ratio = expected reservation wage/previous wage

Note: Binned scatterplot of the natural log of the expected reservation wage ratio by unemployment
duration after controlling for individual fixed effects (Starr and Goldfarb, 2020; Cattaneo et al., 2023).
Expected reservation wages at all horizons (h) are measured during the entry survey. Horizontal axis
denotes unemployment duration at hypothetical horizon h, which is randomized across individuals with
h ∈ {1, 2, 3, 6}. The expected reservation wage at horizon h = 0 is equal to the reported reservation wage
during the entry survey. Therefore, each individual has two expected reservation wage ratio observations:
one from the entry survey and one from the hypothetical horizon. Unemployment duration is the
unemployment duration at the time of the entry survey and the unemployment duration at the time of the
entry survey plus the hypothetical horizon, which is randomized across individuals. For respondents who
answer ‘‘no’’ to the question ‘‘If you don’t find suitable work in the next h months, would that change your
mind about the lowest wage or salary you would accept?,’’ we assume that their reservation wage remains
unchanged at horizon h. See section 6.2.
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Figure A6: Binned scatterplot of the ln(reservation wage ratio) by unemployment duration
and wage residual on previous job

Reservation wage question: ‘‘Suppose someone offered you a job today that is suitable in
terms of hours, skills, responsibilities and non-wage benefits. What is the lowest wage or
salary, before taxes and deductions, you would accept? Please include in this amount any
bonuses, overtime pay, tips or commissions that you would expect.’’
Reservation wage ratio = reservation wage/previous wage

Note: Binned scatterplot of the natural log of the reservation wage ratio by unemployment duration and
wage residual on the previous job after controlling for individual fixed effects (Starr and Goldfarb, 2020;
Cattaneo et al., 2023). Wage residuals are from a Mincerian wage equation, as described in the text. See
section 7.2.
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Figure A7: Binned scatterplot of the ln(expected reservation wage ratio (h)) by unemployment
duration and wage residual on previous job

Expected reservation wage questions: 1.) ‘‘If you don’t find suitable work in the next h
months, would that change your mind about the lowest wage or salary you would accept?,’’ in
which h ∈ {1, 2, 3, 6}; and if yes, 2) ‘‘In that case, how much would you increase or decrease
your lowest acceptable wage or salary?’’
Expected reservation wage ratio = expected reservation wage/previous wage

Note: Binned scatterplot of the natural log of the expected reservation wage ratio by unemployment duration and wage residual
on the previous job after controlling for individual fixed effects (Starr and Goldfarb, 2020; Cattaneo et al., 2023). Expected
reservation wages at all horizons (h) are measured during the entry survey. Horizontal axis denotes unemployment duration at
hypothetical horizon h, which is randomized across individuals with h ∈ {1, 2, 3, 6}. The expected reservation wage at horizon
h = 0 is equal to the reported reservation wage during the entry survey. Therefore, each individual has two expected reservation
wage ratio observations: one from the entry survey and one from the hypothetical horizon. Unemployment duration is the
unemployment duration at the time of the entry survey and the unemployment duration at the time of the entry survey plus
the hypothetical horizon, which is randomized across individuals. For respondents who answer ‘‘no’’ to the question ‘‘If you
don’t find suitable work in the next h months, would that change your mind about the lowest wage or salary you would
accept?,’’ we assume that their reservation wage remains unchanged at horizon h. Wage residuals are from a Mincerian wage
equation, as described in the text. See section 7.3.
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